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Abstract: This study aims to adapt the Fear of Missing Out on Artificial Intelligence (FoMO-AI) scale, originally
developed by Deng et al. (2025), into Turkish culture and to gather validity and reliability evidence within a teacher
sample.

Method: A descriptive survey design guided this scale-adaptation study. The process consisted of translation—
back-translation, expert review by seven domain specialists, a pilot application with 35 teachers, and main
applications with two independent teacher samples (n = 320 for EFA; n = 315 for CFA). Data were collected via
convenience sampling in a province of Eastern Anatolia. Analyses were conducted using SPSS 20.0 and AMOS.
Construct validity was tested through Exploratory and Confirmatory Factor Analyses; reliability was assessed via
Cronbach’s alpha, composite reliability (CR), and average variance extracted (AVE).

Findings: EFA produced a KMO value of .964 and a significant Bartlett test (y> = 8012.989, df' =325, p <.001); a
three-factor structure with eigenvalues > 1 explained 76.01% of total variance. CFA indicated excellent model fit
(x¥/df=1.105; CF1=.995; TLI = .994; GFI = .942; RMSEA = .016). Cronbach’s alpha ranged from .89 to .92, CR
from .91 to .93, and AVE from .53 to .59. The Fornell-Larcker criterion confirmed discriminant validity.

Conclusion: The 26-item Turkish form of FOMO-ALI is a valid and reliable instrument for measuring teachers’ fear
of missing out on Al developments.

Keywords: Artificial intelligence, FOMO, fear of missing out, scale adaptation, teacher, digital anxiety, validity,
reliability.

Oz: Bu calismanin amaci, Deng ve arkadaslari (2025) tarafindan gelistirilen Yapay Zekaya Yonelik Gelismeleri
Kagirma Korkusu (Fear of Missing Out on Al; FOMO-AI) 6l¢eginin Tiirk kiiltiirline uyarlanmasi ve 6gretmen
ornekleminde gecerlik ile giivenirlik kanitlarinin elde edilmesidir.
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Yontem: Arastirma, betimsel tarama deseninde yiiriitiilmiis bir dlcek uyarlama calismasidir. Siireg; ceviri-geri
ceviri, yedi alan uzmanindan kapsam gecerligi i¢in goriis alma, 35 6gretmenle pilot uygulama ve iki bagimsiz
ogretmen 6rnekleminde (AFA icin n = 320; DFA icin n = 315) ana uygulama asamalarin1 kapsamaktadir. Veriler
Dogu Anadolu’daki bir ilde uygun 6rnekleme yontemiyle toplanmis; analizler SPSS 20.0 ve AMOS yazilimlari
kullanilarak gerceklestirilmistir. Yap1 gecerligi icin A¢imlayic1 Faktdr Analizi (AFA) ve Dogrulayict Faktor
Analizi (DFA); giivenirlik icin Cronbach Alfa, bilesik giivenirlik (CR) ve ortalama agiklanan varyans (AVE)
hesaplanmustir.

Bulgular: AFA sonucunda KMO degeri .964, Bartlett kiiresellik testi anlamli (%? = 8012.989, sd = 325, p <.001)
bulunmus; 6zdegeri 1’in iizerinde olan ii¢ faktorlii yap1 toplam varyansin %76.01’ini agiklamistir. DFA bulgulan
ti¢ faktorlii yapinin model veriyle yiiksek diizeyde uyum gostermektedir (y?/df = 1.105; CFI = .995; TLI = .994;
GFI = .942; RMSEA = .016). Faktorlere iligkin Cronbach Alfa degerleri .89 ile .92, CR degerleri .91 ile .93 ve
AVE degerleri .53 ile .59 arasinda degismistir. Fornell-Larcker kriteri, ayirt edici gegerligin saglandigin
gostermistir.

Sonug: FOMO-AI 6l¢eginin 26 maddelik Tiirk¢e formu, 6gretmenlerin yapay zekaya yonelik gelismeleri kagirma
korkusunu 6l¢gmede kullanilabilecek gecerli ve giivenilir bir aragtir.

Anahtar Kelimeler: Yapay zeka, FoMO, gelismeleri kagirma korkusu, dl¢cek uyarlama, dgretmen, dijital kaygi,
gegerlik, giivenirlik.
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Structured Abstract:

Introduction: Artificial intelligence (Al), defined as a machine's capacity to perform cognitive functions
associated with the human mind—such as perception, reasoning, learning, problem-solving, and decision-
making—has emerged as a transformative force across numerous domains, including education. While the rapid
diffusion of Al technologies offers substantial opportunities for enhancing and personalizing learning experiences,
it also generates new dynamics and concerns within individuals' psychosocial lives. One such dynamic, the Fear
of Missing Out (FoMO), captures a pervasive apprehension that others are engaging in rewarding experiences
from which one is absent; it has migrated from its social-media origins into the Al ecosystem and has crystallized
as the "Fear of Missing Out on AI" (FoMO-AI). The transformation of work roles and organizational processes by
Al, perceptions of skill devaluation, and the pressure to sustain professional competence intensify this concern.
Because the education domain requires the continual updating of the "knowing-teaching" position, the
understanding and measurement of FoOMO-AI among teachers carries particular importance; yet no instrument
specifically measuring teachers' FOMO regarding Al technologies currently exists in the Turkish literature.

Purpose: This study aims to adapt the FOMO-AI scale, originally developed by Deng et al. (2025), to
Turkish culture and to gather validity and reliability evidence within a teacher sample.

Method: The study is a scale-adaptation work conducted within a descriptive survey design, one of the
quantitative research designs. The adaptation process encompassed language validity, content validity, construct
validity, and internal consistency analyses. For language validity, the translation—back-translation method was
employed: items were first translated into Turkish by academics specialized in language education, then
independently back-translated by two other experts, and semantic consistency was examined. Content validity was
established through the review of seven specialists—two from Guidance and Psychological Counseling, three from
Turkish Language Education, and two from English Language Teaching. A pilot application was conducted with
35 teachers; in the main application, data were collected from two independent samples (n = 320 for EFA and n =
315 for CFA). Data were obtained via convenience sampling in a province of Eastern Anatolia, and analyses were
performed using SPSS 20.0 and AMOS. Construct validity was tested through Exploratory and Confirmatory
Factor Analyses; reliability was assessed via Cronbach's alpha, composite reliability (CR), and average variance
extracted (AVE); discriminant validity was examined using the Fornell-Larcker criterion.

Findings: Sampling adequacy for EFA was excellent (KMO = .964), and Bartlett's sphericity test was
significant (y*> = 8012.989, df =325, p <.001). A three-factor structure with eigenvalues > 1 explained 76.01% of
the total variance; eigenvalues were 11.654, 4.881, and 3.227, respectively, with post-rotation variance
contributions of 33.530%, 21.618%, and 20.858%. Communalities ranged from .686 to .821, and factor loadings
from .810 to .874, with no meaningful cross-loadings. The three factors were labelled Al Backwardness Anxiety
(12 items), Al Access Concerns (7 items), and Al Dividend Anxiety (7 items). CFA indicated excellent model fit:
y¥/df = 1.105; CFI = .995; TLI = .994; GFI = .942; AGFI = .931; NFI = .945; IFI = .995; RMSEA = .016.
Standardized factor loadings ranged from .689 to .821, and all paths were significant at p <.001. Cronbach's alpha
values ranged from .89 to .92, CR values from .91 to .93, and AVE values from .53 to .59. The square roots of
AVE (.73, .75, .77) exceeded the inter-factor correlations (.44—.53), thereby confirming discriminant validity in
accordance with the Fornell-Larcker criterion.

Discussion: Findings demonstrate that the three-factor structure identified in the original Chinese sample
is replicated in the Turkish teacher sample, indicating that the FoMO-AI construct exhibits cross-cultural
psychometric robustness. The first factor, Al Backwardness Anxiety, emerged as the central dimension reflecting
the pressure on teachers to sustain professional competence and may be conceptually linked to perceptions of skill
devaluation. The second factor, AI Access Concerns, establishes a conceptual bridge with the digital-divide
literature and reflects how macro-structural inequalities are internalized at the individual level. The third factor,
Al Dividend Anxiety, most closely aligns with Przybylski et al.'s (2013) self-determination-theory-based
definition of FoOMO and can be interpreted as a concrete extension of the concern about missing rewarding
technological opportunities. The moderate inter-factor correlations (.44—.53) suggest that the construct displays a
multidimensional yet intertwined conceptual architecture and that hierarchical models—in which a general FOMO-
Al factor governs the three sub-dimensions—may be worth testing through second-order CFA in future research.

Conclusion and Recommendations: The 26-item Turkish form of the FOMO-AI scale is a valid and
reliable instrument for measuring teachers' fear of missing out on Al developments and offers an original
contribution to the Turkish literature. The scale can be utilized in teacher professional-development needs
assessment, in-service training design, digital-awareness and digital-well-being programs, as well as in
psychological counseling services for the early identification of technostress and burnout risk. Key limitations
include data collection from a single province in Eastern Anatolia, the cross-sectional design, the absence of test—
retest reliability analysis, the lack of criterion-related validity comparisons with external scales, and the restriction
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of the sample to teachers only. Future studies are recommended to test measurement invariance across
demographic groups via multi-group CFA on larger and geographically diverse samples, to examine the temporal
stability of the construct through longitudinal designs, and to investigate mediator/moderator variables such as
mindfulness, Al self-efficacy, and psychological resilience.

Keywords: Artificial intelligence, FOMO, fear of missing out, scale adaptation, teacher, digital anxiety,
validity, reliability.
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Résumé Structuré:
Introduction:

L’intelligence artificielle (IA), définie comme la capacité d’une machine a exécuter des fonctions
cognitives traditionnellement associées a I’esprit humain — notamment la perception, le raisonnement,
I’apprentissage, la résolution de problémes et la prise de décision — s’est imposée comme une force
transformatrice dans de nombreux domaines, parmi lesquels figure 1’éducation. Si la diffusion rapide des
technologies d’IA offre des possibilités considérables pour enrichir et personnaliser les expériences
d’apprentissage, elle engendre simultanément de nouvelles dynamiques et préoccupations dans la sphére
psychosociale des individus. Parmi celles-ci, le Fear of Missing Out (FoMO), ou peur de manquer une
opportunité, renvoie a 1’appréhension persistante selon laquelle d’autres personnes vivraient des expériences
gratifiantes auxquelles 1’individu ne participe pas. Initialement associé aux réseaux sociaux, ce phénomene s’est
progressivement étendu a 1’écosystéme de 1’intelligence artificielle, donnant naissance au concept de Fear of
Missing Out on Artificial Intelligence (FoMO-AI). Les transformations induites par I’IA dans les roles
professionnels et les processus organisationnels, les perceptions de dévalorisation des compétences ainsi que la
pression liée au maintien des compétences professionnelles renforcent cette forme d’anxiété. Dans le domaine
éducatif, ou I’actualisation permanente des savoirs et des compétences pédagogiques constitue une exigence
fondamentale, la compréhension et 1’évaluation du FOMO-AI chez les enseignants revétent une importance
particuliére. Toutefois, aucune échelle spécifiquement destinée a mesurer la peur des enseignants de manquer les
évolutions de I’intelligence artificielle n’est actuellement disponible dans la littérature turque.

Objectif:

Cette étude vise a adapter a la culture turque 1’échelle FOMO-AL développée par Deng et al. (2025), et a
fournir des preuves empiriques relatives a sa validité et a sa fidélité auprés d’un échantillon d’enseignants.

Méthodologie:

Cette recherche constitue une étude d’adaptation d’échelle fondée sur un devis descriptif de type enquéte,
relevant des approches quantitatives. Le processus d’adaptation a inclus 1’évaluation de la validité linguistique, de
la validité de contenu, de la validité de construit ainsi que de la cohérence interne. La validité linguistique a été
assurée au moyen de la méthode de traduction—rétrotraduction : les items ont d’abord été traduits en turc par des
universitaires spécialistes de I’enseignement des langues, puis rétrotraduits indépendamment par deux autres
experts afin d’évaluer I’équivalence sémantique des versions. La validité de contenu a été établie grace a I’expertise
de sept spécialistes, dont deux en orientation et conseil psychologique, trois en didactique du turc et deux en
didactique de I’anglais. Une étude pilote a été réalisée aupres de 35 enseignants. Lors de I’application principale,
les données ont été recueillies auprés de deux échantillons indépendants (n = 320 pour I’analyse factorielle
exploratoire et n = 315 pour I’analyse factorielle confirmatoire). Les participants ont été sélectionnés selon une
méthode d’échantillonnage de convenance dans une province de 1’ Anatolie orientale. Les analyses statistiques ont
été effectuées a 1’aide des logiciels SPSS 20.0 et AMOS. La validité de construit a été examinée par des analyses
factorielles exploratoire (AFE) et confirmatoire (AFC), tandis que la fidélité a été évaluée au moyen du coefficient
alpha de Cronbach, de la fiabilit¢ composite (Composite Reliability, CR) et de la variance moyenne extraite
(Average Variance Extracted, AVE). La validité discriminante a été vérifiée conformément au critére de Fornell-
Larcker.

www.turkishstudies.net/language



2242 Hilal Ugras - Mustafa Ugrag

Résultats:

Les résultats de I’AFE ont montré une excellente adéquation de 1’échantillon (KMO = .964), tandis que
le test de sphéricité de Bartlett s’est révélé statistiquement significatif (x> = 8012.989, ddl = 325, p <.001). Une
structure tridimensionnelle présentant des valeurs propres supérieures a 1 a été identifiée et expliquait 76,01 % de
la variance totale. Les valeurs propres des trois facteurs étaient respectivement de 11.654, 4.881 et 3.227, avec des
contributions & la variance aprés rotation de 33.530 %, 21.618 % et 20.858 %. Les communalités variaient entre
.686 ct .821, tandis que les saturations factorielles s’échelonnaient de .810 a .874, sans charges croisées
significatives. Les trois dimensions ont été désignées comme suit : Anxiété liée au retard face a ’intelligence
artificielle (12 items), Préoccupations relatives a ’accés a I’intelligence artificielle (7 items) et Anxiété liée a
la perte des bénéfices de l’intelligence artificielle (7 items). L’AFC a confirmé un excellent ajustement du
modele (y?/ddl=1.105 ; CFI=.995 ; TLI=.994 ; GF1=.942 ; AGFI = .931 ; NFI=.945 ; [F1=.995 ; RMSEA =
.016). Les saturations factorielles standardisées variaient entre .689 ct .821, et toutes les relations structurelles
étaient statistiquement significatives (p < .001). Les coefficients alpha de Cronbach étaient compris entre .89 et
.92, les coefficients de fiabilité composite (CR) entre .91 et .93, et les valeurs d’AVE entre .53 et .59. Les racines
carrées des AVE (.73, .75 et .77) dépassaient les corrélations interfactorielles (.44—.53), confirmant ainsi la validité
discriminante conformément au critére de Fornell-Larcker.

Discussion:

Les résultats indiquent que la structure tridimensionnelle identifiée dans 1’échantillon chinois d’origine
est reproduite au sein de I’échantillon turc d’enseignants, attestant ainsi de la robustesse psychométrique
transculturelle du construit FoMO-AI. Le premier facteur, I’anxiété liée au retard face a D’intelligence
artificielle, apparait comme la dimension centrale reflétant la pression exercée sur les enseignants pour maintenir
leur compétence professionnelle et peut étre conceptuellement associé¢ aux perceptions de dévalorisation des
compétences. Le deuxiéme facteur, les préoccupations relatives a I’accés a ’intelligence artificielle, établit un
lien conceptuel avec les travaux consacrés a la fracture numérique et illustre la manicére dont les inégalités
structurelles sont intériorisées au niveau individuel. Le troisiéme facteur, ’anxiété liée a la perte des bénéfices
de Pintelligence artificielle, correspond le plus étroitement a la définition du FoMO proposée par Przybylski et
al. (2013) dans le cadre de la théorie de I’autodétermination, en représentant une manifestation concréte de la
crainte de manquer des opportunités technologiques porteuses de bénéfices. Les corrélations modérées entre les
trois facteurs (.44—.53) suggérent que ce construit posséde une architecture multidimensionnelle intégrée, ce qui
justifie I’examen, dans de futures recherches, de modéles hiérarchiques ou un facteur général de FoMO-AI
expliquerait les trois dimensions au moyen d’une analyse factorielle confirmatoire de second ordre.

Conclusionetrecommandations:

La version turque de 26 items de 1’échelle FOMO-AI constitue un instrument de mesure valide et fiable
permettant d’évaluer la peur des enseignants de manquer les évolutions de I’intelligence artificielle et représente
une contribution scientifique originale a la littérature turque. Cette échelle peut étre utilisée pour 1’identification
des besoins en développement professionnel des enseignants, la conception de programmes de formation continue,
I’élaboration d’initiatives de sensibilisation numérique et de bien-étre numérique, ainsi que dans les services de
conseil psychologique afin de détecter précocement les risques de technostress et d’épuisement professionnel. Les
principales limites de cette étude résident dans la collecte des données au sein d’une seule province de 1’ Anatolie
orientale, le recours a un devis transversal, I’absence d’une analyse de fidélité test—retest, 1’absence d’évaluation
de la validité critériée au moyen d’échelles externes et la restriction de 1’échantillon aux seuls enseignants. Les
recherches futures devraient examiner 1’invariance de mesure selon les groupes démographiques par le biais
d’analyses factorielles confirmatoires multi-groupes réalisées sur des échantillons plus vastes et géographiquement
diversifiés, étudier la stabilité temporelle du construit a 1’aide de dispositifs longitudinaux et analyser le role
médiateur ou modérateur de variables telles que la pleine conscience (mindfulness), I’auto-efficacité en intelligence
artificielle et la résilience psychologique.

Mots-clés: Intelligence artificielle, FOMO, peur de manquer une opportunité, adaptation d’échelle,
enseignant, anxiété numérique, validité, fidélité.

Resumen Estructurado:
Introduccion:

La inteligencia artificial (IA), definida como la capacidad de una méquina para ejecutar funciones
cognitivas tradicionalmente asociadas con la mente humana —como la percepcién, el razonamiento, el
aprendizaje, la resoluciéon de problemas y la toma de decisiones—, se ha consolidado como una fuerza
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transformadora en multiples &mbitos, entre ellos el educativo. Si bien la rapida difusion de las tecnologias de TA
ofrece importantes oportunidades para mejorar y personalizar las experiencias de aprendizaje, también genera
nuevas dinamicas y preocupaciones en la esfera psicosocial de los individuos. Una de estas dinamicas es el Fear
of Missing Out (FoMO), entendido como la preocupacion persistente de que otras personas estén participando en
experiencias gratificantes de las cuales uno permanece excluido. Este fendmeno ha trascendido su origen en las
redes sociales para extenderse al ecosistema de la inteligencia artificial, cristalizando en el concepto de Fear of
Missing Out on Artificial Intelligence (FoMO-AI). Las transformaciones que la IA ha introducido en los roles
laborales y en los procesos organizacionales, junto con la percepcion de desvalorizacion de las competencias
profesionales y la presion por mantener la competencia ocupacional, intensifican esta forma de ansiedad. Dado
que el ambito educativo exige una actualizacion continua del binomio «conocer-ensefiar», comprender y medir el
FoMO-AI entre el profesorado reviste una importancia especial; sin embargo, la literatura turca carece actualmente
de un instrumento especifico para evaluar el temor de los docentes a quedar rezagados respecto de los avances en
inteligencia artificial.

Objetivo:

El presente estudio tiene como finalidad adaptar a la cultura turca la escala FoMO-AI, desarrollada
originalmente por Deng et al. (2025), y aportar evidencias empiricas de su validez y fiabilidad mediante su
aplicacion a una muestra de docentes.

Método:

La investigacion corresponde a un estudio de adaptacion de escalas desarrollado bajo un disefio
descriptivo de tipo encuesta, enmarcado dentro de los enfoques cuantitativos. El proceso de adaptacion comprendié
la evaluacion de la validez lingiiistica, la validez de contenido, la validez de constructo y la consistencia interna.
Para establecer la validez lingiiistica se empleo el procedimiento de traduccion y retrotraduccion: los items fueron
traducidos inicialmente al turco por académicos especializados en ensefianza de lenguas y posteriormente
retrotraducidos de manera independiente por otros dos expertos, verificandose la equivalencia semantica entre
ambas versiones. La validez de contenido fue determinada mediante la evaluacion de siete especialistas: dos en
Orientacion y Asesoramiento Psicologico, tres en Ensefianza de la Lengua Turca y dos en Ensefianza del Inglés.
Se realiz6 una aplicacion piloto con 35 docentes y, en la aplicacion principal, se recopilaron datos de dos muestras
independientes (n = 320 para el Analisis Factorial Exploratorio y n =315 para el Analisis Factorial Confirmatorio).
Los participantes fueron seleccionados mediante un muestreo por conveniencia en una provincia del este de
Anatolia. Los analisis estadisticos se efectuaron utilizando los programas SPSS 20.0 y AMOS. La validez de
constructo se examind mediante Analisis Factorial Exploratorio (AFE) y Analisis Factorial Confirmatorio (AFC),
mientras que la fiabilidad se evalué mediante el coeficiente alfa de Cronbach, la fiabilidad compuesta (Composite
Reliability, CR) y la varianza media extraida (Average Variance Extracted, AVE). La validez discriminante fue
verificada conforme al criterio de Fornell-Larcker.

Resultados:

Los resultados del AFE evidenciaron una excelente adecuacion muestral (KMO = .964), y la prueba de
esfericidad de Bartlett result6 estadisticamente significativa (x* = 8012.989, gl = 325, p <.001). Se identificé una
estructura tridimensional con valores propios superiores a 1 que explico el 76,01 % de la varianza total. Los valores
propios de los tres factores fueron 11.654, 4.881 y 3.227, respectivamente, mientras que las contribuciones a la
varianza tras la rotacion ascendieron al 33.530 %, 21.618 % y 20.858 %. Las comunalidades oscilaron entre .686
y .821, y las cargas factoriales entre .810 y .874, sin observarse cargas cruzadas significativas. Los tres factores
fueron denominados Ansiedad por el Rezago en Inteligencia Artificial (12 items), Preocupaciones por el
Acceso a la Inteligencia Artificial (7 items) y Ansiedad por la Pérdida de Beneficios de la Inteligencia
Artificial (7 items). El AFC mostrd un excelente ajuste del modelo (y?/gl = 1.105; CF1 =.995; TLI = .994; GFI =
.942; AGFI = .931; NFI = .945; IFT = .995; RMSEA = .016). Las cargas factoriales estandarizadas variaron entre
.689 vy .821, siendo todas las trayectorias estadisticamente significativas (p < .001). Los coeficientes alfa de
Cronbach oscilaron entre .89 y .92, los valores de CR entre .91 y .93, y los valores de AVE entre .53 y .59.
Asimismo, las raices cuadradas de las AVE (.73, .75 y .77) superaron las correlaciones interfactoriales (.44—.53),
confirmando la validez discriminante conforme al criterio de Fornell-Larcker.

Discusion:

Los hallazgos demuestran que la estructura trifactorial identificada en la muestra china original se
reproduce en la muestra de docentes turcos, lo que evidencia la robustez psicométrica transcultural del constructo
FoMO-AL El primer factor, Ansiedad por el Rezago en Inteligencia Artificial, emergiéo como la dimension
central que refleja la presion experimentada por los docentes para mantener su competencia profesional y puede
vincularse conceptualmente con las percepciones de depreciacion de las competencias laborales. El segundo factor,
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Preocupaciones por el Acceso a la Inteligencia Artificial, establece un puente conceptual con la literatura sobre
la brecha digital y pone de manifiesto la forma en que las desigualdades estructurales son interiorizadas en el plano
individual. El tercer factor, Ansiedad por la Pérdida de Beneficios de la Inteligencia Artificial, es el que guarda
mayor correspondencia con la definicion de FoMO propuesta por Przybylski et al. (2013) desde la teoria de la
autodeterminacién, al representar una manifestacion concreta del temor a perder oportunidades tecnologicas
potencialmente beneficiosas. Las correlaciones moderadas entre los factores (.44—.53) sugieren que el constructo
presenta una arquitectura conceptual multidimensional e interrelacionada, lo que respalda la conveniencia de
evaluar, en futuras investigaciones, modelos jerarquicos en los que un factor general de FoMO-AI explique las
tres dimensiones mediante analisis factorial confirmatorio de segundo orden.

Conclusiones y recomendaciones:

La version turca de 26 items de la escala FOMO-AI constituye un instrumento valido y fiable para medir
el temor de los docentes a quedar al margen de los avances en inteligencia artificial, aportando una contribucién
cientifica original a la literatura turca. La escala puede emplearse para la evaluacién de necesidades de desarrollo
profesional docente, el disefio de programas de formacién continua, el desarrollo de iniciativas de alfabetizacion
digital y bienestar digital, asi como en los servicios de orientacién y asesoramiento psicoldgico para la deteccion
temprana del tecnoestrés y del riesgo de agotamiento profesional (burnout). Entre las principales limitaciones del
estudio destacan la recopilacion de datos en una tnica provincia del este de Anatolia, el disefio transversal, la
ausencia de analisis de fiabilidad test-retest, la falta de evaluacion de la validez criterial mediante escalas externas
y la restriccion de la muestra exclusivamente a docentes. En consecuencia, se recomienda que futuras
investigaciones examinen la invariancia de medida entre distintos grupos demograficos mediante analisis factorial
confirmatorio multigrupo en muestras mas amplias y geograficamente diversas, evaltien la estabilidad temporal
del constructo mediante disefios longitudinales e investiguen el papel mediador o moderador de variables como la
atencion plena (mindfulness), 1a autoeficacia en inteligencia artificial y la resiliencia psicologica.

Palabras clave: Inteligencia artificial; FoOMO; miedo a quedarse al margen; adaptacion de escalas;
docente; ansiedad digital; validez; fiabilidad.

ZHRME:
518 :

ANLZHE (Artificial Intelligence, AD) JEfRHLERHATIEH 5 A SO HHOC BN A1 D) RE——EL 5K
HLOHERE. fES)L R AR SR ——RE ), IR C BN HES) AR 2 E U N 1 2 AT IR ZIAR
HEWF Sy RE N TR POE S SO AR AR 5 AR B 1T R bLE, (H 5 R,
WAEMROE LSRR THRaIS 5Pk, bz 28 RB4R (Fear of Missing Out, FoMO)

, HEEAMERR AR N IEEA D H CARBES 5 B A A MMERES) . X —M& SR SR, &
WA N TR RRAER, JHE AT RBEE R BUR (Fear of Missing Out on Artificial Intelligence,

FoMO-AI) . ATAEREXT IR A S5 H M AT T N B S Re M B v B 99 i, DR i b 3e 5
IR EEE Sy, BB INR XS . TEBCE U, H TR 25 S SR R — B RE SRR,
BEPRABEAR I DU B BUT AR I FoMO-ALEA B SIS 59 om . AR, H AT £ H AR SO sk =
T O T B A R AR AR AE AL B T A

MREER :

AWFFE BETERDengs: (2025) FFRM** N TR REEE R RLUEER (FoMO-AI Scale) **5| A - HH
AR, IR THINFEAR RGN HAGE S WE, % ER IS SO 5 SRR -

MRGE :

AR T ERA AU, RHE &R . EREIE ARG E S
E . WNIRRE . SR LN — B E b . 18 5 30U R B —EI#%¥: (translation—back
translation) : HIOCHIE S B E VIR EF M T HHOEREE, Bl RN LT ZMALERE, X ERS
[l AR 2 (B A S X — S T Wl . NAERER LN ERILATEE, EFERAOEEAEHSER. =
NMAEFHHBEHE LR SFMNIGEAE LR, EXRRERT, B354 Z0mshE mimi; 1F =i 55
W AT REAR B GREMEZE S HTEFA : n = 320 ; BEEFZE 9 HCFA - n=315) . BFZEGS
KAER T G, R EFHER TR THIX A Gt K FSPSS 20.05-AMOSHK 458 1%
o SEMIRUE IR EER R M (BFA) GIAEMER R M (CFA) #HTA3; 15 % K Cronbach's o%
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. HE1EE (Composite Reliability, CR) M P 5 72 #2 M (Average Variance Extracted, AVE) ATV
filis X 20 3505 WA 4 Fornell-LarckerH[$#8 125417 50 IF .

R R:

PERVER BT SRR, FEAER N (KMO = .964) , Bartlett BRI IE 3 48 i1 2 3%
K (2 = 8012989, df =325, p <.001) , BREALWM =R R T 1A ILR T, SARERIATH
76.01%, —/NMKFHIRFEE S5 N11.654, 4.881F13.227 ; HER: J5 70 A R 507 2 11133.530% . 21.618%
Fn20.858%., 45k H AL EESr T+*.686-.821Z[H], B-FEMANT .810-.874 26, HREMWEFLHEE X
MRZX B . =AETFHAwm4aR: NTEHEESER (Al Backwardness Anxiety) (12974H) . A
TREBEIREULRE (AL Access Concerns) (71M5H) LIk A LR REU LS4 € (Al Dividend Anxiety)
(IMN&B) . RIFHERRSITERR AR ESME : y2/df = 1.105, CFI =.995, TLI = .994, GFI =
942, AGFI=.931, NFI=.945, IFI=.995, RMSEA =.016, FR#EALETFEITNT.689-.821:210], FrF
BARYERGH$%EZE/KF (p < .001) , Cronbach's 23T .89-.92:2, CRESTF.91-.932/H],
AVE(E S TF.53-592Z 8. Mo, SEFAVEEHSR (73, .75, 77%%) ¥Jm TRHRFAAHK R (44-53
), {&HEFornell-LarckerHIHEiE s T R BA RIFHI X 90 30%

i

FES A S, A1 AT 00 R 3 R E FE RO REA T 50 T e, 5t
FoMO-AIE A STRNE O LRIRERER, JUF, 54— ATEEERES R
WA LR B BT, ARG T SH R (BN R 5 SR A B

PR —— GRS ER T A T WS B s, R T MG M AN A B AT AL . B YRR
AN LB R ER— 5 Przybylski%s (2013) T B B EHIG IR MFoMOE Xk N4,
AR A R B A HE AL 71X — O BELHIFE N T8 Re SR i BRI . = /NERE 2 B R 45
FEFEAE (44-53) , RFZMEEF ST ERBEFIMES S . Kk, KR ATE—2 R W
ISR T, I8 FH— N M AAFoMO-AIE A5 & 4545 = /N T4 BE () 2 RS F AL,
2w 5EI:

WREEE R, 264 H AR H B A TR R R BMERER (FoMO-AD) BEA RFH
BEERE, RMNEITATERERBEAFHNERTR, HALEEMEXTRRAME TR E
TR, ZERAT ENHTFETELRBERRIME. ERBIIHAE &I HFRFRSHFEARERE
» UROLEEHARSHNHEARES (Technostress) SHMLER (Burnout) RS FEHAIRG] . AHFFH
FERBEHE: BEEICRETLEERZHIEAN X — M4 B RABEETE O REETEE
Bt KRB HFERRBBATRENE; FTRNRRTEORRE. Fi, RRPFFRBUEE AN
B HEFE B ARER AT R ZHBEEE RS (Multi-group CFA) KR ERKNES
B RAYQEGT R EEMSHNAREE; FHE—PHTIES (Mindfulness) | ** A LEHE
FshEerE (Al Self-efficacy) PAKCOERHIME (Psychological Resilience) **%4% & {EFoMO-ATE AL H
B E A

XEEE:  ALERE ; KRR (FoMO) ; AN TR RRUME (FoMO-AD ; &#EHE 5 HUil
s BTHRIE: AU B

CTpyKTypUpOBaHHAS] AHHOTAI[USI:
BBenenune:

HUckyccrBennstii natemutext (UN), onpenensemslii kKak CIOCOOHOCTh MAIIMHBI BBIITOIHATh KOTHUTHBHEIC
(YHKIIMH, TPAJAUIMOHHO aCCOLMUPYEMBIE C YEJIOBEUECKHM MBIIIJICHUEM, TAKHE KaK BOCIIPHUATHE, PACCYXKICHUE,
oOydeHue, pelieHrne 3ajad M NPHHATHE pEIICHWH, NMPEeBpaTHiCS B OIHY W3 KIIOYEBBIX JBMXKYIIUX CHII
TpaHcopManuy pa3nM4YHbIX cdep OOIIeCTBEHHOW >XKWM3HM, BKIIOYas oOpasoBaHue. HecmoTpsst Ha TO dTO
CTPEMHUTENBHOE PACHPOCTPAHEHUE TEXHOJOIMH MCKYCCTBEHHOTO MHTENIEKTa OTKPBIBAET 3HAUUTENIbHBIE
BO3MOJXKHOCTH JIJISl COBEPIICHCTBOBAHMS M INEPCOHAIM3ALMN 00pa30BaTENbHOIO MpOLEcca, OHO OJHOBPEMEHHO
MOPOXK/IaeT HOBBIE TICUXOJOTMYECKHE U COIHaNbHble (heHOMeHBl. OIHNM U3 TakuX (PEHOMEHOB SBISIETCS CTPax
ynycTuTh Bo3MOkHOCTH (Fear of Missing Out, FoMQ), oTpaxkaromuii ycTOMYNBOE OECTIOKOHCTBO YeITOBEKA TI0
MOBOJy TOTO, YTO APYTHE€ IOJY4YarOoT LICHHBIM OIBIT, HEAOCTYIHBIM eMy camoMy. IlepBOoHayaJbHO IaHHBIN
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(heHOMEH paccMaTpHBAJCS NPEHUMYIISCTBEHHO B KOHTEKCTE COLMAIBHBIX CETeH, OIHAKO BIIOCICICTBUH
pacTpoCTpaHIICS Ha SKOCHCTEMY HCKYCCTBEHHOTO HHTEIICKTa, C(OPMHPOBAB KOHIIETIT CTpaxa YMyCTHTh
BO3MOKHOCTH, CBSI3aHHbIE ¢ HCKycCTBeHHBIM HHTe 1ekTOM (Fear of Missing Out on Artificial Intelligence,
FoMO-AI). Tpaachopmanus nmpodeccCHOHAIBHBIX POJieH M OPraHW3alMOHHBIX MPOIECCOB Mo BiusHueM MU,
BOCTIPHATHE OOECICHUBAaHHUA TNPO(ECCHOHANBHBIX KOMIIETCHIINH, a TakXe HEeOOXOIMMOCTh ITOCTOSIHHOTO
moJIepKaHusl TPO(ECCHOHANBPHONH KOHKYPEHTOCTIOCOOHOCTH YCHIIMBAIOT JNaHHYIO (OpMy TPEBOKHOCTH.
[Tockonbky 00pa3oBaTeabHas ACITEIBHOCTh TPEOYET HEMPEPHIBHOIO OOHOBICHHUS MPO(PECCHOHANBHBIX 3HAHUN U
MeIarormIecKux KOMIICTEHIIMM, ucciienoBanue u usmepenne FoMO-Al cpenu memaroros npruodperaet ocodyro
HAYYHYIO U IPAKTUYECKYIO 3HAYMMOCTh. BMECTe ¢ TeM B TypeIKoi HayYHOU TUTEPAType A0 HACTOSIIETO BPEMEHH
OTCYTCTBYET CICHUATN3UPOBAHHBIN MICUXOMETPHYCCKHI WHCTPYMEHT, MpPEIHA3HAYCHHBIA JI OLCHKU CTpaxa
MEIaroroB Mepel BO3MOKHOCTBIO OTCTATh OT Pa3BUTHUS TEXHOJIOTHI MCKYCCTBEHHOT'O MHTCIUICKTA.

Ile.m, HCCJICA0OBaAHUA:

Iens HacTOSIIIIEr0 UCCIIEOBAHMS 3aKiroUaeTcs B anantamnuu mkansl FoMO-AI paspaboranHoit Deng u
coaBT. (2025), K yCIOBHAM TYpeUKOH KyJIbTYpHI, a Takke B IONyYCHHH SMIIMPHICCKUX OKA3aTEIbCTB €€
BAJMIHOCTH W HAJC)KHOCTH Ha BEIOOPKE IMEIarOTHIECKUX PAOOTHUKOB.

MeTtoaoorus:

HccnenoBanne npencrasiseT coboi padoTy MO afanTaluy NCHXOMETPUIECKOH IIKAIBI, BBIOIHEHHYTO
B paMKaX KOJMYECTBEHHOI'O HCCIICZIOBAHMs C HCIIOJIb30BaHMEM OMMCATEeNFHOIO OMpOCHOro au3aiHa. [Iporecc
aJanTallud BKJIOYaJ IPOBEPKY S3BIKOBOM BaJMIHOCTH, COJAEP)KaTEeIbHON BAJMAHOCTH, KOHCTPYKTHBHOU
BAIMJIHOCTH, a TaKXKe aHaJIN3 BHYTPCHHEH COINIAaCOBAHHOCTH IIKAJbl. J[Js OLEHKH S3BIKOBOM BaJIMIHOCTH
MPUMEHSUICSI METOJI MPSIMOTO M OOpaTHOTO INEepeBOja: MEePBOHAYAIBHO IMYHKTHI IMIKAJbl OBUIM NEepeBENCHbI Ha
TYPELKUil S3bIK CIIEIHAINCTaMH B 00JIaCTH S3bIKOBOTO 00pa3oBaHMs, IIOCIE YEro JBa HE3aBHCHMBIX JKCIEpPTa
BBINIOJHWJIM OOpaTHBIl IEepeBOJ, 4YTO MO3BOJMJIO OLECHUTh CEMaHTHYECKYI0 OKBHBAJICHTHOCTb BEPCHIA.
ConeprkaTenbpHasl BAIMAHOCTh ObuIa oOecriedeHa HKCIICPTHOM OLEHKOH CEeMU CHENMalNCTOB: IBYX 3KCIEPTOB B
00JIaCTH TICUXOJIOTHYECKOTO KOHCYJIBTHPOBAHHUS M CONPOBOXKACHHSA, TPEX CIECIHAIUCTOB IO IIPETOJIaBAHHUIO
TYPELKOTO sI3bIKa M ABYX CHEIHAINCTOB 10 IPETIOIaBaHNI0 aHIIIMICKOTO s3bIKa. [IpenBapuTenbHas anpooarus
Obuta mpoBezeHa ¢ ydactueM 35 memaroroB. OCHOBHOW 3Tal HCCIIEIOBAHUS OCYLIECTBIUICS Ha JIBYX
HE3aBHCHMBIX BBIOOpKaX (n = 320 mis skcmiopaTopHoro (GpakTopHOro aHamu3a u n = 315 s KOHPUPMaTOPHOTO
(akropHoro aHanu3a). JlaHHbIE OBUTH COOpaHBI METOJIOM YI00HOM BHIOOPKH B OHOM W3 MPOBUHIMK BocTouHOM
Amnatomuu. Cratuctudeckas o0OpaboTka MPOBOAMNIACH ¢ Hcmosb3oBaHueM mporpamm SPSS 20.0 u AMOS.
KoHCTpyKTHBHAs BAJIMIHOCTH OLCHUBAJIACh HocpeacTBoM dkciuioparopHoro (EFA) u kondupmaroproro (CFA)
(akTOpHOTO aHanM3a; HAJEKHOCTH OINpEeAessIach ¢ MOMOIIbI Koddduuuenta o Kponbaxa, xoadduimeHTa
komIto3uTHO# HazexxHocT (Composite Reliability, CR) u cpenneit u3pneuennoit nucrepcun (Average Variance
Extracted, AVE). /luckpuMHHaHTHas BaJHJHOCTh IPOBEPSUIaCh B COOTBETCTBUHU C KpuTepueM dopHemna—
Jlapkepa (Fornell-Larcker criterion).

Pe3yabTarsi:

Pe3ynpraThl  3KCIUIOpaTOpHOTO  (DAKTOPHOTO — aHajdW3a  MPOAEMOHCTPHUPOBAIM  IPEBOCXOJHYIO
npurogHocThb BEIOOPKH (KMO = .964), a kputepuii cepruaHocTr bapTierta oka3ayics CTaTHCTUYECKH 3HAYHMMBIM
(* = 8012.989, df = 325, p <.001). beina BeIsIBICHA Tpex(paKTOPHAS CTPYKTypa ¢ COOCTBEHHBIMU 3HAYCHUSMH,
MPEBBIIAIOIIMHA €IUHULLY, KOTopas o0bsicHsu1a 76,01 % obmieit nucniepcun. CoOCcTBEeHHBIE 3HaYEHHS (PaKTOPOB
coctaBmiu 11.654, 4.881 u 3.227, a ux BKjiax B o0bsICHEHHE nucnepcuu nocie Bpamienus goctur 33.530 %,
21.618 % u 20.858 % cooTBeTCTBeHHO. 3HaUYeHHs OOUIHOCTEW BapbupoBaiu oT .686 1o .821, a daxropHbie
Harpy3ku — ot .810 110 .874, mpy OTCYTCTBUH CYIIECTBEHHBIX EPEKPECTHBIX HATPYy30K. BrieneHHbIe hakTophl
MOJYYHIIN CJIEIYIONIie HauMeHOBaHUA: TPeBOKHOCTh BCJIEACTBHE OTCTABAHMS B 00/1aCTH HCKYCCTBEHHOTO
HHTe IeKTa (12 myHKTOB), ONMaceHus1 OTHOCHTEIBHO JOCTYIA K TeXHOJIOTHSIM HCKYCCTBEHHOT0 HHTe1eKTa
(7 nmynktoB) m TpeBOKHOCTH BCJEACTBHE YNYyIIeHHs] NPeMMYLIECTB MCKYCCTBEHHOr0 HHTe/IekTa (7
nyHKTOB). KoH¢upmaropHblii (akTOpHBI aHaNMW3 MOATBEPAMI IPEBOCXOAHOE COOTBETCTBHE MOJIEIH
smnupudeckuM naHHbM: }%/df = 1.105; CFI = .995; TLI = .994; GFI = .942; AGFI = .931; NFI = .945; IF1 = .995;
RMSEA =.016. CrangapTu3upoBaHHble (pakTOPHBIE HAarpy3K1 HAXOAWINCH B Hana3oHe oT .689 1o .821, nmpuyem
BCE IapaMeTpbl MOJeNU OblIM cratucTudecku 3HaunMbIME (p < .001). 3Hauenus koaddunmenra a Kponbaxa
cocraBuwiu ot .89 no .92, nokazarenu CR — ot .91 no .93, a 3nayenuss AVE — ot .53 no .59. Kpome Toro,
kBazaparHble kopHu AVE (.73, .75, .77) npesbimany ko3ddurmeHTsr MesxpakTopHoi koppersiuuu (.44—.53), 9ro
CBUJICTEICTBYET O HANWYMH AWCKPUMHWHAHTHOW BaJWIHOCTH B COOTBETCTBHH ¢ Kpurepuem DopHemia—
Jlapkepa.
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O6cy:xnenue:

[omyuyeHHBIE PE3yNbTaTHl CBHICTEIBCTBYIOT O TOM, YTO TpeX(aKTOpHAas CTPYKTypa, IepBOHAYAIHEHO
BBISIBIICHHAS HA KUTAaWCKOI BEIOOpKE, OBLIa YCIENTHO BOCIIPOU3BEICHA CPEAH TYPEIKUX IIeIaroTroB, MOATBEPKaast
TEM CaMbIM BBICOKYIO KPOCC-KYJBTYPHYIO TICHXOMETPHUECKYIO YCTOWYUBOCTh KOHCTpYKTa FOMO-AL IlepBbrit
(hakTOp — TPEBOKHOCTH BCJIEACTBHE OTCTABAHUSA B 00J1aCTH MCKYCCTBEHHOT0 MHTENJIEKTA — BBICTYITHII
[EHTPAIBHBIM H3MEPEHNUEM, OTPAKAIOIINM JTAaBJICHUE, MCIIBITEIBAEMOE ITEAarOraMy B CBSI3H C HEOOXOIUMOCTBIO
MOJICPKaHUsI TIPO(PECCHOHANTBHOW KOMIIETCHTHOCTH, ¥ KOHIIENTYAJILHO CBSI3aH C BOCIIPUATHEM OOCCIICHUBAHHUS
npo(eCCUOHANBHBIX HABBIKOB. BTOpoil (hakTop — OmaceHHsI OTHOCUTEJHHO JOCTYyNa K TEXHOJOTHSIM
HCKYCCTBEHHOT0 HHTEJJIEKTA — YCTAHABIMBACT KOHIECNTYalbHYIO CBS3b C HCCICIOBAaHUAMH IH(PPOBOro
HEPaBEHCTBA, JCMOHCTPHPYs, KaKuM 00pa3oM CTPYKTYpPHBIC CONMAIBHBIC PAa3JIMYUs WHTCPHOPHU3HPYIOTCS Ha
WHIUBUAYyAILHOM ypoBHE. Tperuii (akTop — TPEBOKHOCTH BCJEACTBHE YHYIIEHUS NPeMMYIIECTB
HCKYCCTBEHHOT0 HMHTeJUIeKTa — B HauOONbIIEH CTENEeHW COOTBETCTBYeT ompexaeneHuto FoMO,
npemioxxeHHoMy Przybylski m coaBT. (2013) B pamkax Teopud CaMOICTCpMHUHAIINH, IPEACTaBIAS COOOMH
KOHKPETHU3UPOBAHHYIO (HOpPMY ONACEHHH OTHOCHTENHHO yTPAaThl 3HAYMMBIX TEXHOJIOTHYECKHX BO3MOXKHOCTEH.
YMepeHHbIe KOppeNsannu Mexay dpakropamu (.44—.53) CBUIETENBCTBYIOT O MHOTOMEPHOH, HO B3aMMOCBSI3aHHOK
KOHIICTITYaTbHOW  CTPYKType KOHCTPYKTa, 9YTO TIIO3BOJISIET PEKOMEHAOBATh MPOBEACHHE B Oyaymux
HCCIICOBAaHUAX KOH(PHUPMATOPHOTO (PAKTOPHOTO aHANW3a BTOPOTO TOPAOKA U MPOBEPKH HEpapXUUSCKOU
MoJienH, B KoTopoid ooumii pakrop FOMO-AI 00bsicHsIET TpH BIIETICHHBIE OACTPYKTYPHI.

3akioueHnne u PEeKOMEHAAMMN

Typenxas Bepcust mxansl FoMO-AI, cocrodmas u3 26 MyHKTOB, IIPEACTAaBIsIET co00i BaIUAHBIA U
HaJIeXKHBIM IICHXOMETPHUYECKUH MHCTPYMEHT AJIS U3MEPEHHs cTpaxa IeJaroroB yIyCTUTh pa3BUTHE TEXHOJIOTHM
HCKYCCTBEHHOTO HHTEJUICKTA M BHOCHT OPUTMHANBHBIA BKJIAJ B pa3BUTHE TYpPELKOl HaydHOH IHTepaTyphl.
[Ikana MOXET MCIIOIB30BaThCsl IPU JAUATHOCTHKE MOTPEOHOCTEH MefaroroB B Npo)eCCHOHATLHOM pPa3BUTHH,
pa3pabOTKe NPOrpaMM MOBBIIIEHUA KBATM(HUKAINH, peaTH3alUHd NporpaMM LU(PPOBOH TI'PaMOTHOCTH H
(poBOro OIATONONYYHs, @ TAKXKE B PAKTHKE IICUXOJIOTMIECKOTO KOHCYJIBTHPOBAHUS ISl PAHHETO BBISIBICHUS
pHCKa TeXHOCTpecca U MPO(ECCHOHANBHOTO BEITOpanysi. OCHOBHBIMH OTPaHHICHUSMHU HCCICAOBAHUS SIBIISIOTCS
cOOp MaHHBIX JIMIIb B OAHOH NPOBHHOMM BoOCTO4YHOW AHATONNMH, WCIHONB30BAHUE IIONIEPEYHOTO
HCCIIEZI0OBATENbCKOT0 ANW3aiiHa, OTCYTCTBHE aHAlIM3a HAJeKHOCTH METOJOM IIOBTOPHOTO TECTHPOBaHUS (test—
retest), OTCYTCTBHE IPOBEPKU KPUTEPUATHLHOM BaIMIHOCTH ITOCPEICTBOM COTIOCTABJICHHS C BHEITHUMH IIIKaJIaMH,
a TaKXe OrpaHMYCHUE BHIOOPKU HUCKIIIOYHUTEIHHO MEJarorndeCKuMu paboTHHKaMu. B cBsizu ¢ 3TMM B Oynymunx
UCCIICIOBAaHUAX  PEKOMEHIYETCS  NPOBEPUTh  HHBAPHMAHTHOCTH  H3MEPEHUS  MEXIy  Pa3IHuYHBIMHU
JeMorpaduuecKuMH rpynnaMu ¢ MOMOIIbIO MHOTOTPYIIIOBOrO KOH(GHpMaTOpHOTO (hakTopHOoro ananusa (Multi-
group CFA) Ha 6oJjiee KpyIHBIX U reorpaguyecku pasHo0Opa3HbIX BHIOOPKAX, H3YYHTh BPEMEHHYIO CTA0MILHOCTD
KOHCTPYKTa IOCPEICTBOM JIOHTHTIOTHBIX UCCIIEAOBAHHM, a TaKKe UCCIeI0BaTh MEAUATOPHYIO U MOJIEPATOPHYIO
pOJIb  TakWX TMEPEMEHHBIX, Kak o0co3HaHHOCTh (mindfulness), camodddekTHBHOCTL B 00JaCTH
HCKYCCTBEHHOI'0 MHTEJJIEKTa U NICUX0JI0THYecKasi ycToiMYuBOCTh (resilience).

KiaroueBble cjoBa: I/ICKYCCTBeHHHﬁ HUHTCIIJICKT, FOMO; CTpax yOnyCTHUTb BO3MOXKHOCTb, aAalTalus
HIKaJIbI; Ieaaror, I_II/I(i)pOBaFI TPEBOKHOCTD; BAJIMAHOCTh,; HAACKKHOCTD.

TRf=IT AR
=

Wg@ﬂ?ﬂ (Artlﬁ(:lal Intelligence; Al), o Uit A=-&ar & U § gy fasar Srar g Sl
A ARTSs O Jag IHTHS S o e (Perception), Jo-faad (Reasoning), HfeATH
(Learning), YHYT-YHTYTT (Problem Solving) dYT fAufg_famfor (Decision Making)—dT[ e S gt %,
e Tfed sM® &3 § Te IRadHHR! Wfdd & 9 & U 81 Taft A1 WNfifeal &1 g TR Sifvm-
U % Hag Ud dafaaadmRul & o U AR U Rl €, a1l U8 Safaadl & ARSI sia-
H 7% UBHR Bt axitaarst vd [iarst o ot S <ar 31 U g U weiaee s firaR sifw faRiT
3[T3T (Fear of Missing Out; FoMO) &, ST 39 Tdld 3R] b Hfodad Bl & b 37 AT T ATHSBRY
3HT H ey ¢ R safa Tad dferd 3 AT § | 98 SIaURUI U Jd oI Hifesar TaH @ 3m g
T FSAT & TR F YA 6 Gob! § T P ST A el Al & Fe S BT U (Fear
of Missing Out on Artificial Intelligence; FoMO-AI) & w U H famla E_ic %I NGRS CRIRED Hﬁaﬂ\?ﬁ Td
YIS TishaT3T H I YRei, bIRTel b SAHeT D1 URUITE qUT TG G&fl §1E & BT Tl
msﬂwﬁﬁmﬁ@?&maﬁaaﬂﬁ%%ﬁ%ﬁr&nmaﬁﬁrw‘r%ﬁwaﬁ@ﬁrw-ﬂmﬁ
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GeaTaft & I B SUET HT 5, 31d: FRI&BT H FoMO-Al BT UHId &1 THIHT T IHHT AU BT [
g QT g1 9UT, g Ao § aaH db QT IS AFGIPHd SUDHRU IUAS -8l § off faRy &0
fR1&rp] & AL-HdEh FoMO &7 3T ol gl |

35T

S 3T BT I/ Deng 3G (2025) GRT fIBRAT FoMO-AI ¥hel &1 Tl Aiplas ey A
3IHAT HRAT YT P! & Th T F 3MYR W FHB! LT (Validity) 3R fIYTTTAT (Reliability) &
U THTOT TRd HRAT g |

fafer

g 3T AEATHSD ST UGfd & Sfia qui-TeTss Taefun sfidmed (Descnptwe Survey Design)
TR TYTRT T Whd-3IH - 31eqg g | g Ufohar H Uit derdr, fawgawg dedr, SRa-redd audr aul
3fiaRke TR (Internal Consistency) T T&TT WRARE o1l Mi¥® Jerar & forg SATG-Y=:3(qaTg
(Translation—-Back Translation) fafdr &1 IuanT fovan a1 gRY | Hiw-Rien o fa=ivs fRienfaal gri aal &1
! U1 § SfaTe foha 7T, TaasTd &l 3= faxIoRil gRT Wdd U ¥ YH:3(aTe a1 T auT Gl Gxhul
F AT ARG BT URTequT fhan a1 | favrrad Ae/dr 9rd fa=iemit ot Tetem & wrens § gAfda &t 18, o
3 gaTTe Rl ud fAeE (Guidance and Psychological Counseling), G| ﬁ UTOT-FRI&OT T & 3iUSh
HToT-Rreror o faRivs Afhferd A1 35 Rigd! IR T URIMYS Urdde 3eaa IdTferd [ 17| I (e |
3 WG AT ¥ s Yohford fb T (EFA 8 n = 320 TT CFA B n = 315)| Ufquifrt &1 =g= gdf
ST & T Uid & gﬁw-anmh—cr STHLATHRUT (Convenience Sampling) GRT &2 T | WifBTeb1d fazerwor
SPSS 20.0 TUT AMOS IIFEAIR BT TgHId I Hud fPT 1T | TRATHS JUT HT UL SFAVUNEHD HRE
IEESLLI (Exploratory Factor Analysis; EFA) GEII L\J,IQOMUIIG-IGb HRD [ARATT (Confirmatory Factor Analysis;
CFA) gRRT o a1 fay-aar &1 IL?TW Cronbach's Alpha, Composite Reliability (CR) dYT Average
Variance Extracted (AVE) & H1egH I fan ™1, Sd favee dudr (Discriminant Validity) &1 UR1&{0T Fornell-
Larcker ATFGS & 3TYR W foa1 7

e

EFA & RO 3 ST TAT-SUGaRIdT UG R BT (KMO = .964), TUT Bartlett FT Sphericity TRT&0T
ifSTh g =0 T 3fcdd Trefes UIT T (42 = 8012.989, df = 325, p < .001) | FaZwUr & S-SR 17 TaT1 Ured
g%, fS% W0 (Eigenvalues) 1 9 31fI & TUT SR Fa faeR01 &1 76.01% ¥ fan| 41 wRa! & T@HH
U 11.654, 4.881 TUT 3.227 U, TGP YU (Rotation) P TYTd 3% [GaRUL-ANGH HH: 33.530%,
21.618% T 20.858% 5 | MGGl (Communalities) & HT .686—.821 TUT HRHB-UR (Factor Loadings)

810874 < HEH UTT 71T U1 HIS Ageaqol sh10-efST et firetl| il pRap! 1 pAer: a1 H W 7§ w1 ot
e (AI Backwardness Anxiety) (12 Hg), Al db tIEil Tach ﬁI?ITE (AI Access Concerns) (7 Hg), dUT AI
AT | dferd ¥@ &I @t fRidT (AT Dividend Anxiety) (7 98) 19 fGU TT| CFA o GRUMHS = ATed &t IHT
JUGAIAT DI FHTONT fBaT: 52/df = 1.105; CFI = .995; TLI = .994; GFI = .942; AGFI = .931; NFI = .945; IFI =
.995; RMSEA =.016 | AF® I d HRDB-HR .689—.821 & T g aUT U TY (Paths) p <.001 TR W FiRkAD
%0 ¥ 91 UTe MY Cronbach's Alpha & AT .89-.92, Composite Reliability 3 T .91-.93, TUT AVE & HH
53-.59 & A I8 | 39F SHfARad, AVE & T (.73, .75, .77) HR®| & A TgHa (.44-.53) F 31fere grg
T, fSRI Fornell-Larcker AFGS & IR faved dud &1 gfY g5 |

T4t

3T & Fep sl ¥ WY gidr & fob got D T U - sRea G ol el & T 7 oft
WTET‘[ _gf_sc, Sl FoMO-AI TRTHAT &Y W-Wf%ﬁ? I €@l (Cross-Cultural Psychometric
Robustness) BT THTUT TRd &Rl ¢ | TUH HREB, Al Y NS T8 o1 @1 i, Rierss! R araaiie gerar am
G & qe1d DI fdfSfad B arer ety ST Rig g TUl 3/ HINd-3(aHed Bl YRUTSH ¥ =R
Y ST S Il ¢ | gt FR®, Al dd uga Jaeht frar, fSfored faursH (Digital Divide) Taitht T
T gie ey R a1 § 9T I8 <M1 & 6 SAUs WRees SR 6y THR aAfaadl gRI
Gﬂﬂ'ﬁ?ﬂ% (Internalized) gt %I ﬂ?ﬂ’q DRI, Al GIE:ECIEG e EIEK ﬁl?IT Przybylski 3fe (2013) gI_T
Eﬁmﬁl@‘lﬁ(&alf Determination Theow)%WWWWFOMOﬁWWQWW
THAT § TUT 3 ATHHR] Ah-11ehb! TR Y dferd X8 S D1 fidl &1 Ui fadR 71 o 9l 8 | HRDI &
ey AegH TR & YUY (.44-.53) 3T a0 HT Tobd od & [ I8 YT g3 g1d gU +ft IR siadag
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g1 3fa: Hias & Ul H fgdiiu-oH Yfdarunets HR [IRAWT (Second-Order CFA) & HIEOH J T
UG ite Hledl BT Ui&or fasar ST Iugdd g1, fSH T W= FoMO-Al BRS diHl SU-SITHI Bl
fdfd srar g

FoMO-AI T d &1 26-AEH qh! Snul Rt H T FfSHTT I et 3wl & ge oH & ¥
BT HIYT HRA 7g TP 94 T fay=ta Iuevr Ry gaf € a1 gob! Aifecd & U Hiferes AT URd ol
21 ST Thd B IUTNT 18] Bt AT [ahr Saadhdlst & HTHeH, JarewTat UIRI& STl df
FURET IR B34, FSed Se s dr vd {8 fied deur SrigHl & fdeT, Ul -t a1d (Technostress)
Td TGRS YPTAT (Burnout) P SIRGH I URINE UgaH 8q A-IaTT-b URTAR! Yarsit § far S b
81 T Pt T Arrsif § gl SHTifer & dad T Uid 4 el & Yaber, SR (Cross-Sectional)
SHY 3 HbeY, W&‘WT Ty (Test—Retest Reliability) BT 34T, STe] HUCS] & AT ¥ MG S-
aieft QYT (Criterion-Related Validity) T UIE0T 7 foa ST quT dhaet et dab a7 Ififerd €|
HiIST & STl B e Ud Hiniferes U ¥ fafdy A iR 98-91g YRS HRE fa=asr (Multi-
Group CFA) & HIeOH J ATO-aRad-radr (Measurement Invariance) ol Glsll?f, GIE],% e Glﬁ YT (Longitudinal
Designs) & AN ¥ WD & GHITT [RRAT BT UGN, IUT ATESHAIT (Mindfulness), Al 3TH-

HUTGHTIRAT (AI Self-Efficacy) Td 'FFﬁaTlTﬁﬁ'f YT (Psychological Resilience) O AR (Mediator)
Td fATH® (Moderator) TR B YfHHT BT UL B T SR BT STl B |

Poil Jeq: HHT FGHAT; FoMO; TR Fe O BT WH; Whd IHar; Rierds; f3fored fofar; deam,
[EENEIRGH!

Yapilandirilmis Ozet:

Giris: Algilama, akil yiiriitme, 6grenme, problem ¢6zme ve karar verme gibi insan zihniyle iliskili biligsel
islevleri yerine getirme yetenegi olarak tanimlanan yapay zeka (Al), egitim de dahil olmak {izere pek ¢ok alanda
doniistiiriicii bir giic olarak ortaya cikmistir. Yapay zeka teknolojilerinin hizla yayginlasmasi, 6grenme
deneyimlerini gelistirme ve kisisellestirme konusunda onemli firsatlar sunarken, ayni zamanda bireylerin
psikososyal yasamlarinda yeni dinamikler ve endiseler de yaratmaktadir. Bu dinamiklerden biri olan “Kagirma
Korkusu” (FoMO), bagkalarinin kiginin kendisinin dahil olmadig1, tatmin edici deneyimler yasadiklarina dair
yaygin bir endigeyi ifade eder; bu kavram, sosyal medyadaki kokenlerinden Al ekosistemine taginmig ve “Al’y1
Kagirma Korkusu” (FoMO-AI) olarak somutlasmistir. Yapay zekanin is rollerini ve Orgiitsel siirecleri
doniistiirmesi, becerilerin deger kaybina ugradigina dair algilar ve mesleki yeterliligi siirdiirme baskisi bu endiseyi
daha da yogunlastirmaktadir. Egitim alani, “bilme-0gretme” konumunun siirekli giincellenmesini
gerektirdiginden, 6gretmenler arasinda FOMO-ATI’nin anlasilmasi ve 6l¢giilmesi 6zel bir nem tasimaktadir; ancak
Tiirk literatiiriinde su anda yapay zeka teknolojileriyle ilgili dgretmenlerin FOMO’sunu 6zel olarak dlgen bir arag
bulunmamaktadir.

Amag: Bu calisma, ilk olarak Deng ve ark. (2025) tarafindan gelistirilen FoMO-AI 6lgegini Tiirk
kiiltirine uyarlamay1 ve bir &gretmen Orneklemi iizerinde gecerlilik ve giivenilirlik kanitlart toplamay:
amagclamaktadir.

Yontem: Bu calisma, nicel arastirma tasarimlarindan biri olan betimsel anket tasarimi gergevesinde
yiiriitiilen bir 6l¢ek uyarlama ¢aligmasidir. Uyarlama siireci, dil gecerliligi, icerik gecerliligi, yap1 gecerliligi ve i¢
tutarlilik analizlerini kapsamistir. Dil gecerliligi igin ¢eviri-geri ¢eviri yontemi kullanilmistir: maddeler dnce dil
egitimi alaninda uzman akademisyenler tarafindan Tirkgeye cevrilmis, ardindan iki farkli uzman tarafindan
bagimsiz olarak geri cevrilmis ve anlamsal tutarhilik incelenmistir. Icerik gecerliligi, iki tanesi Rehberlik ve
Psikolojik Danigmanlik, ii¢ tanesi Tiirk Dili Egitimi ve iki tanesi ingilizce Ogretimi alanlarindan olmak {izere yedi
uzmanin incelemesi yoluyla belirlenmistir. 35 6gretmenle bir pilot uygulama gergeklestirilmistir; ana uygulamada
ise iki bagimsiz 6rneklemden veri toplanmigtir (n = 320 EFA i¢in ve n = 315 CFA igin). Veriler, Dogu
Anadolu’daki bir ilde kolaylik 6rneklemesi yoluyla elde edilmis ve analizler SPSS 20.0 ve AMOS kullanilarak
gergeklestirilmistir. Yap1 gegerliligi, Kesifsel ve Dogrulayict Faktor Analizleri ile test edilmis; giivenilirlik,
Cronbach alfa katsayisi, bilesik giivenilirlik (CR) ve ortalama varyans ¢ikarma (AVE) ile degerlendirilmis; ayirt
edici gecerlilik ise Fornell-Larcker kriteri kullanilarak incelenmistir.

Bulgular: EFA i¢in 6rneklem yeterliligi miikemmel (KMO = 0,964) ve Bartlett kiiresellik testi anlamli
cikmistir ()2 = 8012,989, df = 325, p < 0,001). Ozdegerleri > 1 olan ii¢ faktorlii bir yapi, toplam varyansin
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%76,01’ini agiklamistir; 6zdegerler sirasiyla 11,654, 4,881 ve 3,227 olup, rotasyon sonrast varyans katkilar
9%33,530, %21,618 ve %20,858 dir. Ortaklik degerleri 0,686 ile 0,821 arasinda, faktor yiiklemeleri ise 0,810 ile
0,874 arasinda degismekte olup, anlamli capraz yiiklemeler bulunmamaktadir. Ug faktor, sirastyla Al Gerilik
Kaygist (12 madde), Al Erisim Endiseleri (7 madde) ve Al Temettii Kaygisi (7 madde) olarak adlandirilmistir.
CFA, modelin miikemmel bir uyum gosterdigini ortaya koymustur: ¥2/df = 1,105; CFI = 0,995; TLI = 0,994; GFI
=0,942; AGFI =0,931; NFI = 0,945; IFI = 0,995; RMSEA = 0,016. Standartlastirilmis faktor yiiklemeleri 0,689
ile 0,821 arasinda degismekteydi ve tiim yollar p < 0,001 diizeyinde anlamliydi. Cronbach alfa degerleri 0,89 ile
0,92 arasinda, CR degerleri 0,91 ile 0,93 arasinda ve AVE degerleri 0,53 ile 0,59 arasinda degismistir. AVE
degerlerinin karekokleri (0,73; 0,75; 0,77), faktorler arasi korelasyonlart (0,44—0,53) asmistir; bu da Fornell-
Larcker kriterine uygun olarak ayirt edici gegerliligi teyit etmistir.

Tartisgma: Bulgular, orijinal Cin 6rnekleminde tespit edilen {i¢ faktorli yapmin Tiirk &gretmen
ornekleminde de tekrarlanmakta oldugunu gostermektedir; bu da FOMO-AI yapisinin kiiltiirlerarasi psikometrik
saglamliga sahip oldugunu ortaya koymaktadir. Ilk faktor olan “Al Gerilik Kaygis1”, 6gretmenlerin mesleki
yeterliliklerini siirdiirme konusundaki baskiy1 yansitan merkezi bir boyut olarak ortaya ¢ikmistir ve kavramsal
olarak beceri degersizlestirme algilartyla baglantili olabilir. Ikinci faktér olan “Al Erisim Endiseleri”, dijital
ucurum literatiiriiyle kavramsal bir koprii kurmakta ve makro-yapisal esitsizliklerin bireysel diizeyde nasil
i¢sellestirildigini yansitmaktadir. Ugiincii faktdr olan “Al Kazang Kaygisi”, Przybylski ve ark. (2013) tarafindan
0z-belirleme teorisine dayali olarak tanimlanan FoMO kavramiyla en yakindan ortiismekte ve odiillendirici
teknolojik firsatlari kagirma endigesinin somut bir uzantisi olarak yorumlanabilir. Faktorler arasindaki orta
diizeyde korelasyonlar (.44—.53), bu yapmin ¢ok boyutlu ancak birbiriyle i¢ ice gecmis bir kavramsal mimari
sergiledigini ve genel bir FOMO-AI faktdriiniin {i¢ alt boyutu yonettigi hiyerarsik modellerin, gelecekteki
aragtirmalarda ikinci dereceden CFA yoluyla test edilmeye deger olabilecegini gostermektedir.

Sonu¢ ve Oneriler: 26 maddelik FOMO-AI dlgeginin Tiirkge versiyonu, dgretmenlerin yapay zeka
alanindaki gelismeleri kagirma korkusunu 6lgmek icin gegerli ve giivenilir bir aractir ve Tiirk literatiiriine 6zgiin
bir katki sunmaktadir. Olgek, dgretmenlerin mesleki gelisim ihtiyaclarinin degerlendirilmesinde, hizmet igi egitim
tasariminda, dijital farkindalik ve dijital refah programlarinda ve ayrica tekno-stres ile tikenmislik riskinin erken
teshisi i¢in psikolojik danismanlik hizmetlerinde kullanilabilir. Temel sinirlamalar arasinda Dogu Anadolu’daki
tek bir ilden veri toplanmasi, kesitsel tasarim, test-tekrar test giivenilirlik analizinin yapilmamasi, dis dl¢eklerle
kriter baglantili gecerlilik karsilagtirmalarinin eksikligi ve oOrneklemin sadece Ogretmenlerle sinirli olmast
sayilabilir. Gelecekteki ¢aligmalarda, daha biiyiik ve cografi olarak cesitlilik gosteren 6rneklemler {izerinde ¢ok
gruplu CFA yoluyla demografik gruplar arasinda 6l¢iim degismezliginin test edilmesi, boylamsal tasarimlar
araciligiyla yapinin zamansal istikrarinin incelenmesi ve farkindalik, yapay zeka 6z-yeterliligi ve psikolojik
dayaniklilik gibi araci/moderator degiskenlerin arastirilmasi 6nerilmektedir.

Anahtar Kelimeler: Yapay zeka, FoOMO, gelismeleri kagirma korkusu, 6l¢ek uyarlama, 6gretmen, dijital
kaygt, gegerlik, giivenirlik.
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The Adaptation of the Fear of Missing Out on Artificial Intelligence (FoMO-AI) Scale into
Turkish: A Validity and Reliability Study

Introduction
Artificial Intelligence

Today, the rapidly evolving concept of artificial intelligence (Al) is defined as a machine’s
ability to perform cognitive functions typically associated with the human mind, such as perception,
reasoning, learning, interacting with the environment, problem-solving, decision-making, and even
creativity (Rai et al., 2019). In digital projects, Al is applied for various functions, such as managerial
decision-making (Haesevoets et al., 2021), data analysis, predictive modeling (Grensund & Aanestad,
2020; Marabelli et al., 2021), and human-AlI collaboration. Al has emerged as a transformative force in
many fields, including education; the development of Al technologies has brought about a profound
revolution, particularly in the field of online education (Lisana, 2023). In the field of education, Al offers
innovative solutions to enhance learning experiences, streamline administrative tasks, and personalize
instruction (Rane et al., 2023; Sajja et al., 2024). Recent studies conducted in Turkey also support
teachers’ positive pedagogical perceptions of Al-supported tools; In their phenomenological study with
early childhood educators, Ugras et al. (2025) found that ChatGPT was regarded by teachers as a
valuable pedagogical tool in terms of providing instant feedback, suggesting personalized content,
supporting creativity, and increasing student motivation (Ugras et al., 2025). The integration of Al—
which has the potential to revolutionize traditional pedagogical approaches—into education offers
countless opportunities for educators, students, and institutions (Olney et al., 2024). However, the rapid
spread of Al is also creating new dynamics and concerns in individuals’ psychosocial lives. One such
dynamic, FOMO (Fear of Missing Out), is described as a widespread anxiety that others are having
rewarding experiences (Elhai et al., 2018; Przybylski et al., 2013).

The Fear of Missing Out on Developments in Artificial Intelligence

Social media tools provide easy access to real-time information about activities, events, and
conversations taking place on various social networks, thereby offering increasingly rich forms of social
information (Przybylski et al., 2013). The anxiety of not being able to keep up with these updates
spreading in the digital environment has begun to cause the emergence and spread of the “Fear of
Missing Out on Artificial Intelligence Developments” in society (Przybylski et al., 2013). The fear of
missing out on Al can be understood as negative emotions and emotional distress associated with
perceived social deficits, where people feel their relationships with their peers are under threat (Elhai et
al., 2018). This fear is defined as a widespread anxiety that others may be experiencing rewarding
experiences in which the individual is not included (Eitan & Gazit, 2023; Przybylski et al., 2013). It has
been determined that the fear of missing out on developments in artificial intelligence is negatively
associated with both general mood and overall life satisfaction (Przybylski et al., 2013). This fear,
characterized by a constant desire to keep up with what others are doing (Przybylski et al., 2013),
mediates the relationships between problematic social media use (Btachnio & Przepidrka, 2018;
Blackwell et al., 2017; Dhir et al., 2018) and problematic smartphone use (Elhai et al., 2018; Oberst et
al., 2017; Przybylski et al., 2013).
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Although the fear of missing out on developments in artificial intelligence has traditionally been
associated with social media and personal interactions, a growing body of research shows that this fear
is also gaining significance in professional settings. Recent studies conducted on a sample of Turkish
teachers also document this dual psychological response. Ugras and Ugras (2025) found that teachers
perceive Al-supported tools both as a professional support tool and as a potential source of anxiety that
creates “technological dependence” and uncertainty in their professional roles. This finding provides
significant empirical ground supporting the need to interpret the FOMO-AI framework specifically in
the context of teachers (Ugras & Ugras, 2025). It has been emphasized that when employees feel
pressure to quickly adapt to new Al tools and systems, their fear of being left behind intensifies (Frey
& Osborne, 2017; Q. Li et al., 2022; C. Wang et al., 2023). A major line of research on the fear of
missing out on artificial intelligence developments focuses on the impact of excessive technology use.
For example, there is evidence showing that individuals experiencing high levels of FOMO are more
likely to turn to a greater number of private social media platforms, engage in problematic internet and
smartphone use, and rely on mobile apps (Dempsey et al., 2019; Elhai et al., 2020). High levels of FoMO
may be directly linked to poorer academic performance (Rosen et al., 2017). Employees are increasingly
expressing concerns about their roles in Al-driven environments, particularly regarding the potential
devaluation of their skills and the psychological impacts of adapting to rapid technological change (S.
Wang & Zhang, 2025). Studies highlight that employees experience anxiety about digitalization
(Pfaffinger et al., 2020) or, more specifically, fears of being replaced or left behind by AI (Huisman et
al., 2021; Mirbabaie et al., 2022), noting that all of these lead to feelings of insecurity among employees
regarding their jobs and roles (Yam et al., 2023).

The integration of Al technologies into the workplace is significantly transforming job roles and
organizational processes (Brynjolfsson & McAfee, 2014); while offering benefits such as increased
productivity, it also presents new challenges for employees—including the fear of missing out on Al-
related advancements in technological developments and career opportunities (Brougham & Haar,
2018). As Moore et al. (2022) note, concerns about the additional pressures Al may bring to the
workplace and its potential impact on mental health are growing by the day (Moore et al., 2022). In
situations such as the fear of missing out on Al developments, when employees perceive that their skills
are becoming devalued, the need to maintain professional competence and adequacy is threatened
(Méndez-Suarez et al., 2025). For example, Al-powered educational robots such as Ivy and Youdao
Echo can potentially eliminate the need for human instructors by enhancing teaching and tutoring (Pillai
et al., 2024). These Al teaching robots utilize advanced algorithms and data-driven methods to
intelligently customize content, provide instant assistance, and enhance instructional communication in
the field of online learning (Seo et al., 2021).

While the adoption of new technologies can boost innovation and efficiency, it can also trigger
emotional reactions that may hinder employee engagement and productivity (Méndez-Suarez et al.,
2025). To successfully manage these dynamics, organizations must strike a balance between
technological advancements and employee well-being. Research has shown that mindfulness can serve
as a protective mechanism against the negative effects of FoOMO (Bishop et al., 2004; Gilbert & Waltz,
2010; Wilmer et al., 2017). To address the fear of missing out on Al developments, it is necessary to
provide skill-building opportunities that help employees feel competent and prepared for technological
transformations, thereby reducing resistance to change and anxiety (Bankins et al., 2024; Rana et al.,
2024). Promoting self-efficacy in Al learning can reduce stress (Kim & Lee, 2024); supporting
employees’ confidence in their ability to work with Al can reduce burnout and foster a positive attitude
toward Al adoption (Brougham & Haar, 2018; Méndez-Suarez et al., 2025).

When addressing Al anxiety in an educational context, understanding teachers’ experiences
with Al is critical to overcoming the pedagogical and professional challenges posed by the integration
of Al into education (Méndez-Suarez et al., 2025). To measure the potential effects of the fear of missing
out on Al developments—a concern teachers experience as they strive to maintain their professional
competence in a rapidly digitizing educational ecosystem—and to develop intervention strategies that
support teachers’ digital well-being, this study aims to adapt the FoOMO-AI scale into Turkish. This
scale, once adapted, aims to make significant contributions to both the educational sciences literature
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and institutional educational management practices by validly and reliably measuring this new and
important psychological construct encountered in educational settings. This study is significant because
there is currently no tool in the literature that specifically measures teachers’ “Fear of Missing Out on
Al Developments” regarding Al technologies, and because this scale will be one of the first tools to
provide a scientific foundation for teachers’ adaptation processes to technological transformation.

Method
Research Design

This study aims to adapt the Fear of Missing Out on Atrtificial Intelligence (FoMO-AI) scale,
developed by Deng et al. (2025), to Turkish culture, thereby providing a valid and reliable measurement
tool to determine the levels of anxiety experienced by adults—and teachers in particular—in the face of
artificial intelligence developments (Deng et al., 2025). To this end, a descriptive survey design—one
of the quantitative research designs—was employed. A descriptive survey design is a quantitative
research method used to identify the current thoughts, attitudes, and tendencies of the units comprising
a population, to test relationships among variables, and to describe the findings using numerical data
(Creswell, 2021).

The scale adaptation process includes analyses of linguistic validity, content validity, construct
validity, and internal consistency (Yasir, 2016). In the linguistic validity phase, the translation-back-
translation method was used to clarify the words and sentences used in translations accepted in the field
of literature (Sousa & Rojjanasrirat, 2011). The items were first translated into Turkish by academics
specializing in language education; they were then back-translated by two different experts. The
semantic (meaning-based) consistency between the back-translated version and the original scale was
examined, and for losses in meaning and cultural differences were checked. As a result of these
evaluations conducted by expert academics, the scale items were validated in terms of linguistic
equivalence and cultural appropriateness, leading to their final form. In accordance with the expert
opinions sought for content validity, the items’ ability to represent the construct intended to be measured
was confirmed.

Process

The original scale consists of 26 items and presents a three-dimensional measurement structure.
The dimensions covered by the scale are as follows: (1) Artificial Intelligence Lag Anxiety: An
individual’s anxiety about falling behind others in artificial intelligence skills; (2) Artificial Intelligence
Access Anxiety: Anxiety stemming from the insufficient integration of individuals or various fields with
artificial intelligence technology; (3) Al Benefit/Return Anxiety: Negative emotions, such as anxiety
and depression, experienced by individuals due to concerns about being deprived of the benefits of Al
development in various ways. A 7-point Likert-type scale was used to record participants’ responses;
the options ranged from 7 (strongly agree) to 1 (strongly disagree). In the scale development study, the
scale’s overall reliability coefficient was determined to be .972, and it was noted that the internal
consistency coefficients for the three factors were all above .90.

As part of this study, the necessary information regarding the FoOMO-AI scale was obtained to
conduct its adaptation, validity, and reliability studies, and permission to use the scale was obtained
from its authors. After obtaining permission to use the scale, adaptation work began following the
necessary approvals from the Firat University Ethics Committee. The scale adaptation process involved
a two-stage language translation process. First, the draft form was submitted for review by a total of
seven experts (2 from the Guidance and Psychological Counseling department, 3 from the Turkish
Language Education department, and 2 from the English Language Education department). Based on
the experts’ feedback, certain revisions and modifications were made to ensure the scale items were
appropriate for Turkish culture and the education system; thus, a pilot version of the scale was
developed.

The draft form, for which linguistic equivalence had been established, has moved to the pilot
phase to test its comprehensibility among the target audience and the functionality of its items. During
the pilot phase of the study, the scale was administered to a group of 35 teachers. During this pilot phase,
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items that were found to be unclear or perceived as incomplete by the participants were revised. As a
result of these revisions, the final version of the scale to be used in the main study was obtained.

A two-stage analysis strategy was followed to demonstrate the construct validity of the scale
within the context of Turkish culture. In the first stage, exploratory factor analysis (EFA) was applied
to the collected data, and the scale’s item-factor structure was examined using this method. EFA is an
appropriate analytical method for exploring the theoretical structure of the scale and identifying
subfactors (B. Yang, 2005). The primary objective of this analysis was to reveal the factor structure
specific to the teacher sample. To determine whether the obtained structure is valid across different
samples, Confirmatory Factor Analysis (CFA) was conducted in the second stage of the analysis using
data from an independent sample of teachers. CFA is an appropriate analytical method for verifying the
identified factor structure in another sample and determining model fit indices (Brown & Moore, 2012).
Thus, both the structural exploration and statistical validation of the scale were accomplished.

Study Groups

In determining the study sample, convenience sampling—one of the non-probability sampling
methods—was used. This method allows the researcher to focus on a group of volunteer participants
from whom the highest efficiency can be achieved in terms of time, labor, and accessibility
(Biiytikoztiirk, 2018). This sampling method was chosen because the primary objective of scale
adaptation studies is to test the structural properties and linguistic equivalence of the measurement
instrument rather than to represent the population. Accordingly, data were collected from volunteer
teachers working in a province in Eastern Anatolia. Data were obtained from two independent sample
groups: 320 teachers for EFA and 315 teachers for DFA. According to Comrey and Lee’s (2013) sample
size classification, a sample size of 300 or more is considered “good,” while 500 or more is considered
“very good”; furthermore, Tabachnick and Fidell (2013) note that 300 participants is a quite appropriate
sample size for factor analysis (Comrey & Lee, 2013; Tabachnick et al., 2013). Within this framework,
the study’s sample size is sufficient for psychometric analyses. Furthermore, conducting EFA and CFA
analyses on different samples allowed for the validation of the identified factor structure in an
independent sample and supported the cross-validation of the model. Tables 1 and 2 present the
demographic characteristics of the teachers participating in the study for the EFA and CFA samples,

respectively.

Table 1: Demographic Characteristics of the EFA and CFA Samples
Variable Category n %
Gender Woman 191 59.7

Man 129 40.3
In-Service Al Training  Took 72 22.5
Did not take 248 71.5
Years of Service 0-5 years 74 23.1
6—10 years 81 253
11-15 years 69 21.6
16 years and older 96 30.0
School Level Where Preschool 58 18.1
Assigned Primary School 103 322
Middle School 87 27.2
High School 72 22.5

Table 2: Demographic Characteristics of the CFA Sample

Variable Category n %
Gender Woman 186 59.0
Man 129 41.0
In-Service AI Training Took 69 21.9
Did not take 246 78.1
Years of Service 0-5 years 71 22.5
6-10 years 82 26.0
11-15 years 67 21.3
16 years and older 95 30.2
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School Level Where Preschool 55 17.5
Assigned Primary School 101 32.1
Middle School 86 27.3
High School 73 23.2

Data Collection Tool

The FoMO-AI scale was developed in a study titled “When everyone is talking about Al: The
development of fear of missing out on Al scale,” conducted by Deng and colleagues (2025) (Deng et
al., 2025). During the scale development process, structural analyses were performed on the 42 items in
the original form, and following the identification of latent factors, a 26-item abbreviated version was
developed to assess the Fear of Missing Out on Al Developments. Cronbach’s Alpha (o) was used as a
statistical measure to assess the internal consistency of the scale as a whole and of each factor. While
the scale’s overall reliability coefficient was .972, the reliability values for the three factors were also
found to be above .90. According to the literature, an alpha coefficient of .70 or higher indicates an
acceptable level of reliability, while a coefficient of .90 or higher indicates an excellent level of
reliability (Peterson, 1994; Taber, 2018). Furthermore, the scale yielded satisfactory results in terms of
criterion-related validity. The three dimensions of the scale are defined as follows:

* Fear of Falling Behind in Artificial Intelligence: An individual’s anxiety about lagging behind
others in artificial intelligence skills.

» Artificial Intelligence Access Concerns: Concerns stemming from insufficient integration of
artificial intelligence technology by individuals or organizations.

* Al Benefit/Return Anxiety: Negative emotions, such as anxiety and depression, experienced
by individuals due to concerns about being deprived of the benefits of Al development in various areas.

Data Analysis

The data collected as part of the study were analyzed using the SPSS 20.0 statistical software
package and AMOS. EFA and CFA were conducted to determine the validity and reliability of the scale.
Pearson correlation coefficients were calculated to determine the correlation among the scale factors.
Item analysis techniques were used to examine the discriminant validity of the scale items, based on
item-total correlations and mean differences between the top and bottom 27% groups (t-test). Internal
consistency and split-half techniques were used to estimate the scale’s reliability. In the internal
consistency analysis, Cronbach’s alpha was calculated and reported to determine reliability

During the research process, data were collected from two different sample groups to test the
construct validity of the scale. In the first stage, the scale’s factor structure within Turkish culture was
examined using data obtained from 320 teachers for EFA, and necessary adjustments were made based
on the items’ factor loadings and discriminant validity. Subsequently, to validate the established
structural model, data were collected from 315 teachers in a sample group that was completely
independent and distinct from the first group. Using CFA conducted on this group, the factor structure
of the scale’s final 26-item form and the fit indices indicating the model’s level of fit to the data were
tested. As a result, data were collected using the 26-item scale form in both phases, and the scale’s
psychometric properties were subjected to comprehensive statistical analyses. During the pilot phase,
the scale was administered to a small group of 35 teachers (Hertzog, 2008).

Findings

The Fear of Missing Out on Artificial Intelligence (FoMO-AI) scale is based on the study titled
“When everyone is talking about Al: The development of the fear of missing out on Al scale,” developed
by Deng et al. (2025). During the scale development process, structural analyses were conducted on the
42 items in the original form, and following the identification of latent factors, a 26-item abbreviated
form was derived to assess FOMO-AL
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Exploratory Factor Analysis (EFA) Findings

Analyze the construct validity of the scale, the suitability of the dataset was first examined. For
the EFA, the normality assumptions of the data collected from 320 teachers were examined, and the
skewness and kurtosis values of the data were calculated (Field, 2013). Skewness and kurtosis values
must fall within the range of +2 (George & Mallery, 2024; Tabachnick et al., 2013). The skewness
values of the items range from —.187 to .190, while the kurtosis values range from —.475 to —.026. These
values fall within the recommended limits and indicate that the distributions are close to a symmetrical
structure.

Prior to EFA, the suitability of the dataset for factor analysis was assessed using the Kaiser-
Meyer-Olkin (KMO) adequacy of sampling coefficient and Bartlett’s Sphericity Test. The KMO value
was found to be .964. According to the classification proposed by Kaiser (1974), this value indicates
“excellent” sample adequacy (Kaiser, 1974). The result of the Bartlett Sphericity Test is statistically
significant (y*> = 8012.989, df = 325, p <.001). This finding indicates that the correlation matrix is not
the identity matrix and that there are significant relationships among the variables that warrant factor
analysis (Tabachnick et al., 2013).

Factor extraction was performed using the principal component analysis method, and the Varimax
rotation technique was applied to enhance the interpretability of the factors (Field, 2024). Upon
examining the eigenvalues, a three-factor structure was obtained based on the Kaiser criterion
(eigenvalue > 1) (Kaiser, 1960). The eigenvalue of the first factor is 11.654, that of the second factor is
4.881, and that of the third factor is 3.227. These three factors explain 76.01% of the total variance.
While a range of 40—60% of total explained variance is considered sufficient in the social sciences (Hair,
Risher, et al., 2019), the 76% rate obtained in this study indicates a very strong structural validity. Upon
examining the variance distribution after rotation, it is observed that the first factor explains 33.530%,
the second factor 21.618%, and the third factor 20.858% of the variance. An examination of the scree
plot reveals that the curve flattens out distinctly after the third factor, with the breakpoint occurring at
the third factor; this finding supports the three-factor structure (Cattell, 1966).

Scree Plot
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Figure 1. Scree Plot for the FOMO-AI Scale
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The communalities range from .686 to .821. The fact that all items have communalities above
.50 indicates that the items are strongly represented by the factor structure (Hair, Black, et al., 2019).

The communalities range from .686 to .821. The fact that all items have communalities above
.50 indicates that the items are strongly represented by the factor structure (Hair, Black, et al., 2019).
There are no items that need to be removed from the scale due to low communalities. An examination
of the rotated component matrix revealed that the items have high factor loadings on the theoretically
predicted sub-dimensions. The factor loadings of the items in the first factor range from .810 to .854,
and this dimension has been named “Artificial Intelligence Backwardness Anxiety (Al Backwardness
Anxiety).” The loadings of the items in the second factor range from .839 to .874 and represent the
“Artificial Intelligence Access Concerns (Al Access Concerns)” dimension. The factor loadings of the
items in the third factor range from .834 to .866 and reflect the “Al Dividend Anxiety” dimension. The
fact that all items have factor loadings well above the .40 threshold and that there are no significant
cross-loadings indicates that the factor structure is clean and theoretically consistent (Costello &
Osborne, 2005). The EFA findings are presented in Table 3.

Table 3. Findings of Exploratory Factor Analysis

Item F1 F2 F3 Common Variance (4?)
M1 .839 - - 738
M2 .836 - - 736
M3 .847 - - 778
M4 .843 - - 728
M5 .835 - - 17
M6 .832 - - 736
M7 .854 - - 742
M8 810 - - .686
M9 .838 - - 756
MI10 .835 - - 736
Ml1 .833 - - 727
MI12 .825 - - 735
M13 - - .839 752
Mi14 - - .846 775
MI15 - - .857 773
Ml16 - - .866 793
M17 - - .835 740
MI18 - - .851 755
MI19 - - .834 750
M20 - .839 - 784
M21 - .874 - .804
M22 - .862 - 813
M23 - .867 - 821
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M24 - .851 .789
M25 - .856 - .800
M26 - .855 - 798

Note: KMO = .964; Bartlett’s > (df = 325) = 8012.989, p < .001; Total Variance Explained = 76.01%; Eigenvalues = 11.654 /
4.881/3.227. F1 = Fear of Falling Behind in Artificial Intelligence; F2 = Fear of Missing Out on Developments; F3 = Fear of
Loss of Income/Returns Due to Artificial Intelligence

When the clustering points on the slope accumulation graph were taken into account, the three-
factor structure was confirmed. Thus, it was determined that the 26-item, three-factor, 7-point Likert-
type scale met the anticipated conditions without any items being removed from the original scale
(Cattell, 1966). The relationships between the items and factors were defined as proposed in the original
scale, and the model’s fit was examined within the framework of CFA. All paths included in the analysis
were found to be significant. When the findings were evaluated collectively, it was concluded that the
three-factor structure predicted in the original form of the scale was strongly preserved in the Turkish
sample and that the items represented the relevant dimensions to a high degree. These results provide
strong empirical evidence regarding the scale’s construct validity.

Confirmatory Factor Analysis (CFA) Findings

CFA was conducted to confirm the factor structure of the scale. CFA, conducted within the
framework of structural equation modeling, is one of the primary methods used to confirm the
theoretically predicted factor structure of a measurement model (Brown, 2015; Kline, 2023). An
examination of the model fit indices obtained from the analysis revealed that the model fits the data
well. The standardized factor loadings obtained from the CFA and the three-factor measurement model
are presented in Figure 2.

Scree Plot

Eigenvalue

Component Number

Figure 2. Three-Factor Confirmatory Factor Analysis Model of the FOMO-AI Scale

Figure 2 shows the standardized factor loadings. All path coefficients were found to be
statistically significant (p <.001). Upon examining the standardized factor loadings obtained from the
CFA, it was observed that the factor loadings for the items in the “Artificial Intelligence Lag Anxiety”
factor ranged from .689 to .782.
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The model’s chi-square value was found to be x> = 326.964, with degrees of freedom (df) = 296.
The ratio of the chi-square value to the degrees of freedom (y*/df = 1.105) is below 3, indicating that the
model fits well. The literature indicates that a y*/df ratio less than 3 indicates a good fit, while a ratio
less than 5 indicates an acceptable fit (Kline, 2023; Schumacker & Lomax, 2016). Furthermore, the fact
that the chi-square test was not significant (p = .104) indicates that there is no significant difference
between the model and the data.

An examination of the absolute fit indices reveals that the GFI value is .942 and the AGFI value
is .931. These values are above the recommended threshold of .90, indicating that the model fits well
(Hair, Black, et al., 2019; Hu & Bentler, 1999). When examining the incremental fit indices, it is
observed that the NFI (.945), RFI (.940), IFI (.995), TLI (.994), and CFI (.995) values are well above
the .90 threshold. Values above .90 for these indices indicate good model fit, while values above .95
indicate excellent fit (Hu & Bentler, 1999; Kline, 2023). The RMSEA value, examined to assess the
model’s residual fit, was found to be .016. An RMSEA value below .05 indicates that the model exhibits
excellent fit (Browne et al., 1993; Hu & Bentler, 1999). The lower limit of the confidence interval
calculated for the RMSEA was determined to be .000, and the upper limit was .026. The PCLOSE value
of 1.000 also supports the conclusion that the model exhibits excellent fit (Table 4).

Table 4: Model Fit Indices for Confirmatory Factor Analysis

Index Acceptable Value Model Value
v/sd <3 1.105

CFI > .90 995

TLI > .90 .994

GF1 > .90 .942

AGFI > .90 931

NFI > .90 945

IF1 > .90 995
RMSEA <.08 .016

When the standardized factor loadings obtained from the CFA were examined, it was observed
that the factor loadings of the items belonging to the “Artificial Intelligence Lag Anxiety” factor ranged
from .689 to .782. The factor loadings for items belonging to the “Artificial Intelligence Access Anxiety”
factor ranged from .692 to .786, while those for items belonging to the “Artificial Intelligence
Gain/Return Anxiety” factor ranged from .700 to .821. In the literature, factor loadings above .50 are
considered acceptable, while those above .70 are regarded as strong factor loadings (Hair, Black, et al.,
2019; Tabachnick et al., 2013). Accordingly, it can be stated that all items adequately represent their
respective factors. Furthermore, it was determined that the critical ratio (CR) values for all items were
greater than 1.96 and their significance levels were p < .001. This finding indicates that all factor
loadings are statistically significant.

When the Squared Multiple Correlations (SMC) values, which indicate the variance explained
by the items, were examined, it was observed that the proportions of variance explained by the factors
ranged from .47 to .67. The literature indicates that a variance explained by the items of over .40 is
considered acceptable (Hair, Black, et al., 2019). These findings indicate that the items are adequately
explained by the relevant factors.

Reliability and Convergent Validity

Cronbach's alpha (o)), composite reliability (CR), and average variance explained (AVE) were
calculated to assess the internal consistency of the scale as a whole and its subdimensions. It was
determined that the Cronbach’s alpha coefficients for the factors ranged from .89 to .92, the CR values
ranged from .91 to .93, and the AVE values ranged from .53 to .59 (Table 5). In the literature, CR values
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above .70 and AVE values above .50 indicate that convergent validity has been established (Fornell &
Larcker, 1981a; Hair, Black, et al., 2019). Based on these findings, it can be concluded that the scale’s
factor structure possesses an adequate level of reliability and convergent validity.

Table 5: Reliability and Convergent Validity Values for the Factors

Factor Number of Items  Cronbach’s CR AVE
a

Al Backwardness Anxiety 12 .92 93 53

Al Access Concerns) 7 .89 91 .57

Al Dividend Anxiety) 7 .90 92 .59

Discriminant Validity

The criterion proposed by Fornell and Larcker (1981) was used to examine the scale’s
discriminant validity (Fornell & Larcker, 1981a). According to this method, the square root of the
average variance explained (AVE) for a factor must be greater than the correlation coefficients between
that factor and other factors. Examining Table 6, it can be seen that the square roots of the AVE values
for each factor (Artificial Intelligence Lag Anxiety = .73, Artificial Intelligence Access Anxiety = .75,
Artificial Intelligence Gain/Return Anxiety = .77) are higher than the intercorrelation coefficients
between the factors. This finding indicates that the scale’s factors are distinguishable from one another
and that discriminant validity is also established in the measurement model. Therefore, it can be
concluded that the scale’s three-factor structure represents conceptually distinct yet interrelated
constructs.

Table 6: Fornell-Larcker Discriminant Validity Findings for the Factors

Faktor 1 2 3
1. Al Backwardness Anxiety 73

2. Al Access Concerns 47 75

3. Al Dividend Anxiety 44 .53 a7

Note: The bold values on the diagonal represent the square roots of the AVE values.

When the relationships among the factors were examined, a moderate correlation (.47) was
found between Al Anxiety and the Al Access Anxiety factor, a moderate correlation (.44) between “Al
Fear of Being Left Behind” and “Al Gain/Return Anxiety,” and a moderate correlation (.53) between
“Al Access Anxiety” and “Al Gain/Return Anxiety.” This indicates that the factors are interrelated but
represent distinct constructs. A certain degree of inter-factor relationships is expected in measurement
models and supports the multidimensional nature of the structure (Brown, 2015). In conclusion, the CFA
findings confirm the scale’s three-factor structure consisting of 26 items and demonstrate that the model
exhibits a high level of fit with the data. These findings support the scale’s construct validity.

Discussion
Overall Evaluation of the Findings and Theoretical Framework

This study was conducted to adapt the FoOMO-AI scale—developed by Deng et al. (2025)—to
Turkish culture and to establish evidence of its validity and reliability (Deng et al., 2025). Data obtained
from a sample of teachers revealed that the Turkish version of the scale is a theoretically sound
psychometric tool demonstrating high levels of construct validity, internal consistency, and
convergent/divergent validity. The contribution of this study extends far beyond a mere linguistic
translation; it enables the first comprehensive measurement in Turkish literature of a contemporary and
original form of the FOMO concept—one that has been transferred from its social media-focused origins
to the artificial intelligence ecosystem. The findings, consistent with the expanding literature in the fields
of artificial intelligence acceptance, digital anxiety, and technostress, support the notion that the FoMO
construct is not a phenomenon limited solely to the context of social interaction; rather, it has evolved
into a multidimensional psychological reality that extends to technology-focused work environments
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and, in particular, educational ecosystems (Deng et al., 2025; S. Wang & Zhang, 2025; P. Yang et al.,
2025).

Validation of the Three-Factor Structure in a Turkish Sample

The EFA results clearly show that the Turkish version exhibits a three-factor structure consistent
with the original model. The KMO value of .964 and the highly significant Bartlett’s sphericity test (3>
=8012.989, df = 325, p < .001) confirm that the dataset is “excellent” for factor analysis according to
Kaiser’s (1974) classification (Hair, Risher, et al., 2019; Tabachnick et al., 2013). The fact that the three
factors explain 76.01% of the total variance—a rate significantly above the 40-60% lower limit accepted
in the social sciences—provides strong empirical evidence for construct validity (Hair, Risher, et al.,
2019). The fact that the factor loadings of the items range from .810 to .874 and that no item exhibits
significant cross-loading corresponds to Costello and Osborne’s (2005) definition of a “clean factor
structure” and confirms the structural purity of the Turkish version (Costello & Osborne, 2005).

The values obtained during the CFA phase—y?/df = 1.105, RMSEA = .016, CFI = .995, TLI =
994, GFI = .942, and AGFI = .931—significantly exceed Hu and Bentler’s (1999) criteria for “excellent
fit.” It can be said that the model demonstrates not only acceptable fit but also high-quality fit. This
result largely replicates the three-dimensional structure identified by Deng and colleagues (2025) in their
original development study with a Chinese sample, largely replicating the three-dimensional structure
despite cultural and linguistic differences; thus, it provides one of the first empirical supports for the
cross-cultural psychometric “robustness” of the FOMO-AI structure (Deng et al., 2025). This finding is
consistent with the view that psychological constructs emerging in the digital age possess transcultural
dimensions that transcend specific cultural boundaries (Cheung et al., 2011; Van de Vijver & Tanzer,
2004). The fact that the factor loadings fall within a range similar to that of the original study and that
the distinction between factors has been preserved indicates the resilience of the structure’s core
architecture to cultural adaptation processes.

First Factor: Artificial Intelligence Backwardness Anxiety

The first factor (referred to as “Al Backwardness Anxiety” in the original model) reflects an
individual’s anxiety about falling behind others in artificial intelligence skills and constitutes the central
structure of the scale, explaining 33.530% of the total variance after rotation. This finding conceptually
aligns with the “learning anxiety” dimension defined by Wang and Wang (2019) within the Artificial
Intelligence Anxiety Scale (AIAS); however, in the FOMO-AI context, this anxiety is fueled not only
by an abstract learning challenge but also by a perceived relative “lag” compared to peers (J. Wang &
Wang, 2019). A conceptual study by Wang and Zhang (2025) on the fear of missing out on Al
developments in the workplace emphasizes that this construct is directly linked to employees’ perception
of skill devaluation (S. Wang & Zhang, 2025). Current findings support that this process is also strongly
applicable to teachers in particular.

Since the field of education requires the continuous updating of professional competence and
the “knowing-teaching role,” it is not surprising that this concern is particularly pronounced among
teachers. As Pillai and colleagues (2024) note, the rapid proliferation of Al-supported education systems
is positioning teachers as professionals whose roles are being redefined and who harbor concerns about
being “reduced to an assistant-like role” (Pillai et al., 2024). When evaluated within the framework of
Bandura’s (1997) self-efficacy theory, this anxiety can be interpreted as a manifestation of the mismatch
between professional identity and perceived competence; as teachers perceive that performance
expectations linked to artificial intelligence do not align with their current repertoire of competencies,
they exhibit increasing symptoms of anxiety (Bandura, 1997). Méndez-Suédrez and Nincevi¢-Pasali¢
(2025) emphasized that the perception of Al-related skill devaluation is the strongest predictor of anxiety
among employees; this finding is consistent with the pattern observed in the current study, where the
first factor explains a higher proportion of variance than the other factors (Méndez-Sudrez et al., 2025).

Second Factor: Concerns About Access to Artificial Intelligence

The second factor (referred to as “Al Access Concerns” in the original model) encompasses the
concerns of individuals or institutions stemming from insufficient access to artificial intelligence
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technologies and explains 21.618% of the total variance. The distinct differentiation of this dimension
in the Turkish sample establishes a strong theoretical link with the digital divide literature. Van Dijk’s
(2020) multilayered model of digital inequality identifies the levels of physical access, digital skills, and
content access; the findings of the present study suggest that FOMO-AI may be a psychological
reflection of concerns specifically related to these three levels (Van Dijk, 2020). Within this framework,
the presence of the second factor implies that FOMO-ALI is not merely a psychological construct at the
individual level; it also reflects how macro-structural inequalities are internalized within the individual
mind.

The fact that the study was conducted in a province in Eastern Anatolia provides contextual
insight into the variance of this factor. Given the differences observed in Turkey at the regional level in
terms of digital infrastructure, internet speed, and access to hardware, it is likely that teachers working
in rural or semi-urban settings experience “access anxiety” more intensely than their colleagues in other
regions. This suggests that future applications of the scale could yield scientifically valuable results
through comparisons based on region and school level. A study by Kim and Lee (2024) on Al self-
efficacy reveals that providing access to skills and equipment significantly reduces Al anxiety (Kim &
Lee, 2024). Additionally, within the framework of Davis’s (1989) Technology Acceptance Model
(TAM) and the UTAUT model by Venkatesh et al. (2003), the variables “perceived ease of use” and
“facilitating conditions” are closely related to the theoretical foundations of access anxiety (Davis,
1989a; Venkatesh et al., 2003b).

Third Factor: Concerns About Artificial Intelligence Profits/Returns

The third factor (referred to as “Al Dividend Anxiety” in the original model) reflects
individuals’ anxiety about being deprived of the opportunities, benefits, and socioeconomic rewards
offered by the development of artificial intelligence, and explains 20.858% of the total variance. This
dimension can be considered closest to the FOMO definition based on self-determination theory
proposed by Przybylski et al. (2013) (Deci & Ryan, 2013; Przybylski et al., 2013). FOMO, which is said
to arise when basic psychological needs such as competence and relatedness are not met, functions as a
concrete extension of the anxiety of “missing out on rewarding technological opportunities” in the
context of artificial intelligence.

Comprehensive studies conducted by Elhai and colleagues (2018, 2020) on the relationships
between FoOMO and problematic social media and smartphone use have shown that this construct can be
linked to addiction-like usage patterns and mental health symptoms (Elhai et al., 2018, 2020). The
current study suggests that these structural relationships may also have implications in the field of
artificial intelligence; it indicates that FOMO-AI may not only be an indicator of awareness but also a
potential psychosocial risk factor. Consistent with the findings of Yang and colleagues (2025) regarding
the acceptance of generative artificial intelligence, this interpretation suggests that the construct serves
as a theoretical bridge between technology acceptance theories (TAM, UTAUT) and FoMO (P. Yang et
al., 2025). In this regard, FOMO-ALI offers a lens that captures the “benefit-threat dichotomy” observed
in the literature on digital behaviors at the individual anxiety level (Brougham & Haar, 2018).

A Comparison of the Scale’s Psychometric Properties with Those in International Studies

The Cronbach’s alpha coefficients for the Turkish version (.89—.92) show close alignment with
the values reported by Deng et al. (2025) for their original Chinese sample (overall o = .972; a > .90
across all dimensions) (Deng et al., 2025). The CR (.91-.93) and AVE (.53—.59) values are significantly
above the thresholds proposed by Fornell and Larcker (1981) (CR > .70, AVE > .50) and support
convergent validity (Fornell & Larcker, 1981b). The fact that the square root values of AVE (.73, .75,
.77) are clearly higher than the inter-factor correlations (.44—.53) indicates that discriminant validity is
also established (Henseler et al., 2015).

A comparison of these psychometric indicators with similar international scales further
highlights the scientific validity of the Turkish version. In the Turkish adaptations of Wang and Wang’s
(2019) Artificial Intelligence Anxiety Scale, Akkaya et al. (2021) reported Cronbach’s alpha values
ranging from .89 to .96, while Terzi (2020) reported values ranging from .85 to .93 (Akkaya et al., 2021;
Terzi, 2020; J. Wang & Wang, 2019). Considering that the internal consistency coefficients reported for
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the classic FOMO scale adapted into Turkish by Gokler et al. (2016) and Can and Satici (2019) 79-.81,
the reliability evidence from the present study indicates a high level of psychometric quality among
Turkish scale adaptations in the field (Can & Satici, 2019; Gokler et al., 2016). This can be interpreted
as a reflection not only of the linguistic translation itself but also of the meticulous execution of the
translation-back-translation process, expert reviews, and the pilot study (Beaton et al., 2000; Sousa &
Rojjanasrirat, 2011). The fact that the CFA model fit indices (RMSEA = .016, CFI = .995) are quite
strong when compared to the values reported by Wang and Wang (2019) and Akkaya et al. (2021)
confirms the scale’s structural stability (Akkaya et al., 2021; J. Wang & Wang, 2019). The model fit
indices obtained from the CFA results (y*df = 1.105, RMSEA = .016, CFI = .995, TLI = .994) are
comparable to the values reported by Wang and Wang (2019), Akkaya et al. (2021), and Deng et al.
(2025) in their Chinese sample (3*/df = 1.295; RMSEA = .034; CFI = .990; TLI = .987), indicates that
the structural validity of the Turkish version of the scale is consistently preserved in line with the original
model (Akkaya et al., 2021; Deng et al., 2025; J. Wang & Wang, 2019).

The Theoretical Significance of Moderate Inter-Factor Relationships

The fact that correlations between factors were found to be moderate (.44—.53) indicates that the
FoMO-AI structure exhibits a multidimensional yet intertwined conceptual architecture. This pattern is
consistent with Brown’s (2015) discussion of multidimensional latent structures and conceptually
supports hierarchical models suggesting that the three factors represent a common overarching structure
(general FOMO-AI) (Brown, 2015). This suggests that in future research, it may be valuable to model a
single general FOMO-AI factor—as a higher-order latent variable governing the three subdimensions—
using second-order confirmatory factor analysis (CFA). The mesolevel relationships among the factors
also indicate that fear of missing out, fear of access, and fear of gain are based on psychological
mechanisms that are conceptually related but empirically distinguishable. This allows for the separate
consideration of the subdimensions in diagnostic and intervention studies.

The Potential Effects of Cultural Context on Outcomes

It is well known that Turkish culture scores relatively high on uncertainty avoidance and
collectivism within Hofstede’s (2001) national culture model (Hofstede, 2001; Hofstede et al., 2010). It
is predicted that in cultures with high uncertainty avoidance, the anxiety-inducing effects of new and
unpredictable technologies (such as artificial intelligence) on individuals may be more pronounced
(Huang et al., 2019; Hwang, 2005). In this context, the fact that the FOMO-AI scale demonstrated high
factor loadings and strong internal consistency in the sample of Turkish teachers can be interpreted as
indirect evidence that the cultural dimension of uncertainty avoidance may serve as a facilitator in the
intensification of anxiety toward artificial intelligence. Experimentally testing this interpretation
constitutes an important agenda item for future cross-cultural research.

Since one’s relative position compared to others and social acceptance are decisive factors in
collectivist cultures (Triandis, 1995), it is an expected finding that the concepts of “fear of falling
behind” and “missing out on opportunities” emerged as particularly strong in the Turkish sample
(Triandis, 1995). Given that comparison with others lies at the core of FoMO, it is likely that a
collectivist cultural context structurally reinforces this framework. However, the fact that the three-
factor structure remains highly consistent with the original model indicates that, while the FoMO-AI
structure carries cultural nuances, its fundamental structural architecture remains cross-culturally stable.
This situation exhibits a theoretical pattern similar to the “cross-cultural universalization” findings in
McCrae and Costa’s (1997) personality research: While the common core structure is preserved across
cultures, forms of expression and intensity levels may vary across cultures. In this context, although the
scale’s factor structure showed a high degree of fit with the original model, the emergence of the “access
concerns” dimension in the Turkish teacher sample suggests that digital inequalities and the pressures
of professional transformation are experienced more visibly within the cultural context.

Theoretical Contributions

The theoretical contributions of this study to the literature are multifaceted. First, the study
addresses theoretically distinct research strands such as anxiety regarding artificial intelligence (J. Li &
Huang, 2020; J. Wang & Wang, 2019), general FoMO (Elhai et al., 2018; Przybylski et al., 2013), and
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technology acceptance (Davis, 1989b; Venkatesh et al., 2003a)—that are theoretically distinct. Second,
the scale establishes a psychometric foundation for a conceptually distinct construct (FOMO toward
artificial intelligence) for which no equivalent exists among current Turkish measurement instruments.
Third, the evidence obtained from the teacher sample provides a theoretical lens that can be used to
assess psychological reactions to artificial intelligence in the fields of educational psychology and
teacher professional development. Fourth, the psychometric evidence obtained within the Turkish
cultural context strengthens the knowledge base regarding the transcultural validity of the FOMO-AI
construct by documenting the core architecture that the construct maintains despite cultural sensitivities.

Practical Contributions

From a practical standpoint, the Turkish version of the FOMO-AI scale could be a valuable tool
in various application areas. In the context of teacher professional development programs, this scale can
be used to reliably measure teachers’ levels of anxiety regarding artificial intelligence and to design
targeted intervention strategies. As noted by Bankins and colleagues (2024), self-efficacy-based
interventions have demonstrated significant effectiveness in reducing anxiety during the process of
preparing for artificial intelligence (Bankins et al., 2024). At the educational policy level, the scale can
serve as a screening tool for in-service training needs assessments; in particular, it can generate valuable
evidence for tracking regional and school-level differences.

In the design of digital awareness and digital well-being programs, this scale can be used not
only as a diagnostic tool but also as a formative assessment tool to measure progress during the learning
process. As proposed by Kim and Lee (2024), the current scale can serve as an evidence-based feedback
mechanism for evaluating the effectiveness of interventions that support Al self-efficacy (Kim & Lee,
2024). Teacher education programs that integrate modules on Al literacy, anxiety management
strategies, and digital pedagogical adaptability into their undergraduate curricula will facilitate pre-
service teachers’ adaptation during the digital transformation process. Additionally, the scale can
facilitate the early identification of teachers at risk of Al-related burnout and technostress in
psychological counseling and guidance services (Méndez-Suarez et al., 2025; S. Wang & Zhang, 2025).

Limitations

Although this study has produced strong psychometric evidence, certain limitations must be
taken into account. The fact that the data were collected using an appropriate sampling method from
teachers working in a province in Eastern Anatolia limits the generalizability of the findings to the entire
teacher population in Turkey. The study was conducted using a cross-sectional design, and test-retest
reliability analyses to demonstrate the scale’s stability over time were not performed. Since all
measurements were based on participants’ self-reports, the data is susceptible to common method biases
such as the social desirability effect and recall bias (Podsakoff et al., 2003). Convergent and divergent
validity analyses for the scale’s criterion-related validity—using conceptually similar constructs such as
Al anxiety (J. Wang & Wang, 2019), classical FOMO (Przybylski et al., 2013), technostress, or self-
efficacy—have not yet been supported by external scales. Since the sample consisted solely of teachers,
the scale’s performance among other professional groups (healthcare workers, engineers, academics,
etc.) or students has not yet been empirically tested. Furthermore, measurement invariance was not
tested across demographic groups such as gender, years of experience, and school level in this study;
this necessitates additional analyses to ensure that comparisons between groups can be made reliably
(Putnick & Bornstein, 2016).

Recommendations for Future Research

These limitations provide a fruitful and forward-looking agenda for future research. Testing the
scale on broader and more heterogeneous samples collected from different geographic regions of Turkey
(Marmara, Aegean, Mediterranean, Central Anatolia, etc.) will significantly increase the generalizability
of the results. Furthermore, configural, metric, and scalar invariance should be tested using multi-group
confirmatory factor analysis (CFA) with respect to gender, seniority, whether or not participants have
received in-service Al training, and school level; which will enable the comparative use of the scale
across demographic groups (Putnick & Bornstein, 2016).
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Furthermore, longitudinal research designs should be used to determine changes in FoMO-AI
over time, the stability of anxiety, and causal relationships. In addition, the convergent and divergent
validity of the scale should be assessed using the AIAS (J. Wang & Wang, 2019), the classic FoMO
scale (Przybylski et al., 2013), technostress (Tarafdar et al., 2007), digital self-efficacy, and perceived
ease of digital use—should be enriched with external evidence by relating it to conceptually similar
scales. Furthermore, researchers should examine the mediator and moderator variables of FoMO-AI; in
particular, the role of protective factors such as mindfulness (Bishop et al., 2004; Wilmer et al., 2017),
Al self-efficacy (Kim & Lee, 2024), and psychological resilience should be clarified.

In addition, cross-cultural comparative studies (Turkey-China-U.S.-Europe) should be
conducted to map the culturally variable and invariant components of FoMO-AIl. The scale’s
applicability should be expanded using data collected not only from teachers but also from students,
school administrators, and professionals from various sectors. Finally, mixed-methods studies can
enrich the patterns revealed by quantitative measurements with qualitative narratives drawn from
teachers’ lived experiences. This approach can provide in-depth insights into how FoMO-AI is
experienced not only as a psychometric concept but also as an integral part of teachers’ professional
identity and the world of professional meaning.

Conclusion

This study has demonstrated that the Turkish version of the Fear of Missing Out on Artificial
Intelligence (FoMO-AI) scale provides the evidence required by international psychometric standards
in terms of construct validity and reliability. EFA and CFA findings confirmed the robustness of the
three-factor structure in the Turkish sample; internal consistency, composite reliability, and
convergent/divergent validity indices clearly met international standards. The scale offers a unique
contribution to the Turkish literature as a theoretical and practical tool for understanding and measuring
the psychological implications of Al-driven transformation on educational ecosystems. Given that the
FoMO-ALI framework is increasingly becoming a central concept in understanding teacher well-being
in the digital age, this scale is expected to provide a solid evidence base for future research, educational
policy, and intervention studies.
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Yapay Zekiya Yonelik Gelismeleri Kacirma Korkusu (FoOMO-AI) Olgeginin Tiirkceye
Uyarlanmasi: Gegerlik ve Giivenirlik Calismasi

Giris
Yapay Zeka

Gilinlimiizde hizla gelisen yapay zeka (YZ) kavrami, bir makinenin algilama, akil yiiriitme,
ogrenme, cevreyle etkilesim kurma, problem ¢6zme, karar verme ve hatta yaraticilik goésterme gibi insan
zihniyle iliskilendirilen biligsel islevleri yerine getirme yetenegi olarak tanimlanmaktadir (Rai et al.,
2019). Dijital ¢aligmalarda YZ; yonetsel karar verme (Haesevoets vd., 2021), veri analizi, tahmin
calismalari(Grensund & Aanestad, 2020; Marabelli vd., 2021) veya insan-YZ isbirligi gibi cesitli
islevler i¢in uygulanmaktadir. YZ, egitim dahil olmak iizere bir¢ok alanda doniistiiriicii bir gii¢ olarak
ortaya ¢ikmisg; YZ teknolojilerinin gelisimi oOzellikle ¢evrimigi egitim alaninda koklii bir devrim
yaratmistir (Lisana, 2023). Egitim alaninda YZ; 6grenme deneyimlerini gelistirmek, idari gorevleri
kolaylastirmak ve dgretimi kisisellestirmek icin yenilik¢i ¢oziimler sunmaktadir (Rane vd., 2023; Sajja
vd., 2024). Tiirkiye'de ylritiilen giincel calismalar da 6gretmenlerin yapay zeka destekli araglara
yonelik olumlu pedagojik algilarini destekler niteliktedir; Ugras, Ugras, Papadakis ve Kalogiannakis
(2025) erken ¢ocukluk 6gretmenleriyle yiiriittiikleri fenomenolojik ¢alismada ChatGPT'nin anlik geri
bildirim sunma, kisisellestirilmis i¢erik dnerme, yaraticiligi destekleme ve Ogrenci motivasyonunu
artirma agilarindan 6gretmenler tarafindan degerli bir pedagojik ara¢ olarak degerlendirildigini ortaya
koymustur (Ugras vd., 2025).Geleneksel pedagojik yaklasimlarda devrim yaratma potansiyeline sahip
olan YZ’nin egitime entegrasyonu, egitimciler, dgrenciler ve kurumlar igin sayisiz firsat sunmaktadir
(Olney vd., 2024). Ancak YZ’nin bu hizli yayilimi, bireylerin psikososyal yasantilarinda yeni
dinamikler ve endiseler de olusturmaktadir. Bu dinamiklerden biri olan FOMO (Gelismeleri Kagirma
Korkusu), baskalarimin o&diillendirici deneyimler yasadigina dair yaygin bir endise olarak ifade
edilmektedir (Elhai vd., 2018; Przybylski vd., 2013).

Yapay Zekaya Yonelik Gelismeleri Kacirma Korkusu

Sosyal medya araglari, cesitli sosyal aglarda gerceklesen etkinlikler, olaylar ve sohbetler
hakkinda ger¢ek zamanl bilgilere kolay erisim saglayarak giderek daha zengin sosyal bilgi bigimleri
sunmaktadir (Przybylski vd., 2013). Dijital ortamda yayilan bu giincellemelere yetisememe kaygisi,
toplumda “Yapay Zekaya Yonelik Gelismeleri Kagirma Korkusu”nun olugsmasina ve yayginlasmasina
neden olmaya baslamigtir (Przybylski vd., 2013). Yapay zekdyr kacirma korkusu, insanlarin
cagdaglanyla iligkilerinin tehdit altinda oldugunu algiladiklar1 sosyal eksikliklerle iligkili olumsuz
duygular ve duygusallik olarak degerlendirilebilir (Elhai vd., 2018). Bu korku, bagkalarinin kiginin
kendisinin dahil olmadig1 ddiillendirici deneyimler yasiyor olabilecegine dair yaygin bir endise olarak
tamimlamir(Eitan & Gazit, 2023; Przybylski vd., 2013). Yapay zekaya yonelik gelismeleri kagirma
korkusunun hem genel ruh hali hem de genel yasam memnuniyetiyle olumsuz iligkili oldugu
belirlenmistir (Przybylski vd., 2013). Bagkalarinin yaptiklarina siirekli bagl kalma arzusuyla karakterize
edilen bu korku (Przybylski vd., 2013), problemli sosyal ag kullanim1 (Btachnio & Przepiorka, 2018;
Blackwell vd., 2017; Dhir vd., 2018) ve sorunlu akilli telefon kullanimi arasindaki iligkilere de aracilik
etmektedir(Elhai vd., 2018; Oberst vd., 2017; Przybylski vd., 2013).
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Yapay zekdya yonelik gelismeleri kacirma korkusunun geleneksel olarak sosyal medya ve
kisisel etkilesimlerle iliskilendirilmesine ragmen, artan arastirmalar bu korkunun profesyonel
ortamlarda da 6nem kazandigini1 géstermektedir. Tiirk 6gretmen 6rnekleminde yiiriitiilen yakin tarihli
calismalar da bu ¢ift yonlii psikolojik tepkiyi belgelemektedir. Ugras ve Ugras (2025), 6gretmenlerin
YZ destekli araglart hem mesleki bir destek araci hem de "teknolojik bagimlilik" ve mesleki rollerinde
belirsizlik yaratan potansiyel bir kaygi kaynagi olarak algiladigini ortaya koymustur. Bu durum, FoMO-
Al yapisinin 6zellikle 6gretmenler 6zelinde anlamlandirilmast gerekliligini destekleyen onemli bir
empirik zemindir (Ugras & Ugras, 2025). Calisanlarin yeni YZ araglarina ve sistemlerine hizla uyum
saglama baskis1 hissettiklerinde, geride kalma kaygisinin yogunlastigi vurgulanmaktadir (Frey &
Osborne, 2017; Q. Li vd., 2022; C. Wang vd., 2023). Yapay zekaya yonelik gelismeleri kacirma korkusu
iizerine yapilan 6nemli bir arastirma hatti, teknolojinin asir1 kullanimina olan etkisine odaklanmaktadir.
Ornegin, yiiksek diizeyde FOMO yasayan bireylerin daha fazla sayida 6zel sosyal medya platformuna,
sorunlu internet ve akilli telefon kullanimina ve mobil uygulamalara yonelme olasiliginin daha yiiksek
oldugunu gosteren kanitlar mevcuttur (Dempsey vd., 2019; Elhai vd., 2020). Yiiksek FoMO seviyeleri,
daha kotii ders performansiyla dogrudan iliskili olabilir (Rosen vd., 2017). Calisanlar, becerilerinin
potansiyel olarak deger kaybetmesi ve hizli teknolojik degisime uyum saglamanin psikolojik etkileri
konusunda YZ odakli ortamlardaki rolleri hakkinda giderek daha fazla endise dile getirmektedirler (S.
Wang & Zhang, 2025). Calismalar, calisanlarin dijitallesme kaygis1 (Pfaffinger vd., 2020) veya daha
spesifik olarak YZ tarafindan yerlerinin alinmasi veya geride birakilma endiseleri (Huisman vd., 2021;
Mirbabaie vd., 2022) yasadiklarina dikkat c¢ekerek, bunlarin hepsinin ¢alisanlarin isleri ve rolleri
hakkinda giivensizlik duygularina yol a¢tigin1 belirtmektedir (Yam vd., 2023).

YZ teknolojilerinin is yerlerine entegrasyonu, is rollerini ve organizasyonel siiregleri 6nemli
oOl¢iide dontistiirmekte (Brynjolfsson & McAfee, 2014); artan verimlilik gibi faydalar sunarken aym
zamanda calisanlar i¢in teknolojik gelismeler ve kariyer firsatlar1 konusunda yapay zekaya yonelik
gelismeleri kagirma korkusu dahil olmak iizere yeni zorluklar da ortaya ¢ikarmaktadir(Brougham &
Haar, 2018). Moore ve arkadaglarinin (2022) belirttigi gibi, YZ nin ¢aligma ortamlarina getirebilecegi
ek baskilar ve zihinsel saglik iizerindeki potansiyel etkisi konusundaki endigeler giin gectikce artig
gostermektedir (Moore vd., 2022). Yapay zekd gelismelerini kacirma korkusu gibi durumlarda
calisanlar becerilerinin degersizlestigini (skill devaluation) algiladiklarinda mesleki yetkinlik ve
yeterliligi siirdiirme ihtiyaci tehdit altina girmektedir (Méndez-Suéarez vd., 2025). Ornegin Ivy ve
Youdao Echo gibi YZ destekli egitim robotlari, 6gretme ve 6zel ders vermeyi gelistirerek potansiyel
olarak insan egitmene olan ihtiyaci ortadan kaldirabilmektedir (Pillai vd., 2024). Bu YZ 6gretmen
robotlari, gevrimi¢i 6grenme alaninda igerigi akillica 6zellestirmek, aninda yardim sunmak ve 6gretim
iletisimini gelistirmek icin gelismis algoritmalar ve veri odakli yontemlerden yararlanmaktadir (Seo vd.,
2021).

Yeni teknolojilerin benimsenmesi inovasyonu ve verimliligi artirabilecegi gibi, ayni zamanda
calisanlarda katilimi ve tiretkenligi engelleyebilecek duygusal tepkilere de neden olmaktadir (Méndez-
Suarez vd., 2025). Bu dinamikleri basarili bir sekilde yonetmek i¢in kuruluslarin teknolojik gelismeler
ile ¢alisanlarin refah1 arasinda bir denge kurmasi gerekmektedir. Arastirmalar, bilingli farkindaligin
(mindfulness), FOMO’nun olumsuz etkilerine kars1 koruyucu bir mekanizma olarak islev gorebilecegini
gostermistir (Bishop vd., 2004; Gilbert & Waltz, 2010; Wilmer vd., 2017). Yapay zekaya yonelik
gelismeleri kagirma korkusunu ele almak igin calisanlarin kendilerini yetkin hissetmelerine ve
teknolojik doniigiimlere hazirlikli olmalarina yardimer olacak beceri gelistirme firsatlart sunmak,
bdylece degisime direnci ve kaygiy1 azaltmak gerekmektedir (Bankins vd., 2024; Rana vd., 2024). YZ
ogreniminde 6z-yeterligi tesvik etmek stresi azaltabilmektedir(Kim & Lee, 2024); calisanlarin YZ ile
calisma becerilerine olan giivenini desteklemek tiikenmisligi azaltabilir ve YZ’nin benimsenmesine
yonelik olumlu bir bakis acis1 yaratabilir (Brougham & Haar, 2018; Méndez-Suarez vd., 2025).

Egitim baglaminda YZ kaygisi ele alindiginda, 6gretmenlerin YZ deneyimlerini anlamak,
egitimde YZ entegrasyonunun getirdigi pedagojik ve profesyonel zorluklarin iistesinden gelmek igin
kritik bir 6neme sahiptir (Méndez-Suarez vd., 2025). Hizla dijjitallesen egitim ekosisteminde
ogretmenlerin mesleki yetkinliklerini siirdliirme siirecinde hissettikleri yapay zekaya yonelik gelismeleri
kacirma korkusunun potansiyel etkilerini 6lgmek ve Ogretmenlerin dijital refahini destekleyecek
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miidahale stratejilerini gelistirmek amaciyla, bu ¢alismada FoMO-AI 6l¢eginin Tiirk¢eye uyarlanmasi
hedeflenmektedir. Uyarlanacak olan bu o6l¢ek, egitim ortamlarinda karsilagilan bu yeni ve 6nemli
psikolojik yapiy1r gecerli ve giivenilir bir sekilde 6lcerek hem egitim bilimleri literatiiriine hem de
kurumsal egitim ydnetimi uygulamalarina 6nemli katkilar sunmayi hedeflemektedir. Calisma;
literatiirde 6gretmenlerin YZ teknolojilerine yonelik duyduklar “Yapay Zekaya Yonelik Geligmeleri
Kacirma Korkusu™nu spesifik olarak olgen bir aracin bulunmamasi ve bu olgegin Ogretmenlerin
teknolojik doniisiime uyum siireglerini bilimsel bir zemine oturtacak ilk araglardan biri olmasi agisindan
onem arz etmektedir.

Yontem
Arastirma Deseni

Bu calisma, Deng ve arkadaslari (2025) tarafindan gelistirilen Yapay Zekdya Yonelik
Gelismeleri Kacirma Korkusu (FoMO-AI) 6l¢egini Tiirk kiiltlirline uyarlayarak yetiskinlerin ve
ozellikle 6gretmenlerin yapay zeka gelismeleri karsisinda yasadiklart kaygi diizeylerini belirleyebilecek
gecerli ve giivenilir bir 6lgme araci kazandirmayr amaglamaktadir (Deng vd., 2025). Bu amag
dogrultusunda, nicel arastirma desenlerinden betimsel tarama deseni kullanilmistir. Betimsel tarama
deseni, bir evreni olusturan birimlerin mevcut diisiince, tutum ve egilimlerini tanimlamak, degiskenler
arasindaki iligkileri test etmek ve elde edilen bulgular1 sayisal verilerle betimlemek amaciyla kullanilan
bir nicel aragtirma yontemidir (Creswell, 2021).

Olgek uyarlama siireci; dil gegerligi, kapsam (icerik) gecerligi, yap: gegerligi ve i¢ tutarlilik
analizlerini kapsamaktadir (Yasir, 2016). Dil gegerligi asamasinda, yazin alaninda kabul goéren
cevirilerde kullanilan kelime ve ciimlelerin netlestirilmesini saglayan geviri-geri ¢eviri yOntemi
kullanilmistir (Sousa & Rojjanasrirat, 2011). Maddeler 6nce dil egitimi alaninda uzman akademisyenler
tarafindan Tirk¢eye g¢evrilmis; ardindan farkli iki uzman tarafindan tekrar geri c¢evrilmistir. Geri
cevrilen form ile orijinal 6l¢ek arasindaki semantik (anlamsal) tutarlilik incelenmis; anlam kayiplar1 ve
kiiltiirel farkliliklar kontrol edilmistir. Uzman akademisyenler tarafindan yapilan bu degerlendirmeler
sonucunda, dlgek maddeleri dilsel esdegerlik ve kiiltiirel uygunluk agisindan dogrulanarak nihai forma
ulastirilmistir. Kapsam gecerligi icin bagvurulan uzman goriisleri dogrultusunda, maddelerin 6l¢iilmek
istenen olguyu temsil giicli onaylanmustir.

Siirec

Orijinal 6lgek, 26 maddeden olusan ve {i¢ boyutlu bir &lgiim yapis1 ortaya koymustur. Olgegin
kapsadigi boyutlar su sekildedir: (1) Yapay Zeka Geride Kalma Kaygisi: Bireyin yapay zeka
becerilerinde bagkalarinin gerisinde kalma endisesi; (2) Yapay Zeka Erisim Kaygilari: Bireylerin veya
farkli alanlarin yapay zeka teknolojisiyle yetersiz entegrasyonundan kaynaklanan kaygilar; (3) Yapay
Zeka Kazang/Getiri Kaygisi: Bireylerin gesitli yonlerde yapay zeka gelisiminin faydalarindan mahrum
kalma endiseleri nedeniyle yasadiklari kaygi ve depresyon gibi olumsuz duygular. Katilimcilarin
yanitlarii kaydetmek i¢in 7°1i Likert tipi bir 6l¢ek kullanilmistir; segenekler 7 (tamamen katiliyorum)
ile 1 (tamamen katilmiyorum) arasinda degismektedir. Olgek gelistirme ¢alismasinda Slgegin genel
giivenirlik katsayisi .972 olarak saptanmis ve ii¢ faktore ait ic tutarlilik katsayilarinin da .90’1n {izerinde
oldugu belirtilmistir.

Calisma kapsaminda FoMO-AI 6lgeginin uyarlanmasi, gecerlik ve giivenirlik ¢aligmalarinin
yiriitiilebilmesi icin 6l¢cek hakkinda gerekli bilgiler edinilmis ve 6l¢egi gelistiren yazarlardan kullanim
izni alinmustir. Olgek izni alindiktan sonra, Firat Universitesi Etik Kurulu’ndan gerekli onaylar alinarak
uyarlama calismalarina baslanmustir. Olgegin uyarlanmas: siireci iki asamali bir dil geviri siirecinden
gecmistir. ilk olarak taslak form, toplam yedi uzmanin (2’si Rehberlik ve Psikolojik Danigmanlik, 3’ii
Tiirkce Egitimi ve 2’si Ingiliz Dili Egitimi béliimlerinden) incelemesine sunulmustur. Uzmanlarmn
goriisleri dogrultusunda, 6lgek maddelerinin Tiirk kiiltiiriine ve egitim sistemine uygunlugunu saglamak
amaciyla bazi diizeltmeler ve degisiklikler yapilmig; bdylelikle 6l¢egin 6n deneme formu
olusturulmustur.

Dilsel esdegerligi saglanan taslak formun, hedef kitle iizerindeki anlasilirligini ve maddelerin
islevselligini test etmek amaciyla pilot uygulama agsamasina gegilmistir. Arastirmanin pilot uygulama
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asamasinda Olcek, 35 kisilik bir 6gretmen grubuna uygulanmistir. Bu pilot uygulama sirasinda
anlasilirhigr diisiik olan veya katilimcilar tarafindan eksik algilanan maddeler yeniden diizeltilmistir.
Tiim bu islemler sonucunda 6l¢egin ana uygulamada kullanilacak nihai formu elde edilmistir.

Olgegin yap1 gegerligini Tiirk kiiltiirii baglaminda kanitlamak amaciyla iki asamal1 bir analiz
stratejisi izlenmistir. Ilk asamada toplanan verilerden agimlayici (kesifsel) faktdr analizi (AFA)
uygulanmig ve bu yontem kullanilarak olgegin madde-faktor yapisi incelenmistir. AFA, dlgegin
kuramsal yapisin1 kesfetmek ve alt faktorleri belirlemek igin uygun bir analiz yontemidir (B. Yang,
2005). Bu analizdeki temel amag, 6gretmen drneklemine 6zgii faktor yapisini ortaya koymaktir. Elde
edilen yapmin farkli orneklemlerde gecerli olup olmadigini belirlemek i¢in, analizlerin ikinci
asamasinda bagimsiz bir 6gretmen 6rnekleminden elde edilen verilerle Dogrulayicit Faktér Analizi
(DFA) yapilmistir. DFA, belirlenen faktor yapisinin bagka bir érneklemde dogrulanmasini ve model
uyum iyiligi degerlerinin saptanmasini saglamak i¢in uygun bir analizdir (Brown & Moore, 2012).
Boylelikle 6l¢egin hem yapisal kesfi hem de istatistiksel dogrulamasi gergeklestirilmistir.

Calisma Gruplari

Aragtirmanin Ornekleminin belirlenmesinde, olasiliksiz drnekleme yontemlerinden biri olan
uygun ornekleme yontemi kullanilmistir. Bu yontem, arastirmacinin zaman, is giicli ve ulasilabilirlik
acisindan en yiiksek verimliligi elde edebilecegi goniillii katilimcilardan olusan bir gruba odaklanmasin
saglamaktadir (Biiyiikoztiirk, 2018). Olcek uyarlama c¢aligmalarinda temel amacin evreni temsil
etmekten ziyade, 6lgme aracinin yapisal 6zelliklerini ve dilsel esdegerligini test etmek olmasi nedeniyle
bu 6rnekleme yontemi tercih edilmistir. Bu dogrultuda, Dogu Anadolu’daki bir ilde gorev yapan goniilli
ogretmenlerden veri toplanmistir. AFA i¢in 320 6gretmen, DFA icin 315 6gretmen olmak {izere iki
bagimsiz 6rneklem grubundan veri elde edilmistir. Comrey ve Lee’nin (2013) 6rneklem biiyiikligii
siniflamasma gore 300 ve flzeri katiimcr sayist “iyi”, 500 ve iizeri ise “gok iyi” olarak
degerlendirilmektedir; ayrica Tabachnick ve Fidell (2013) faktor analizi i¢in 300 katilimcinin oldukga
uygun bir érneklem biiyiikliigii oldugunu belirtmektedir (Comrey & Lee, 2013; Tabachnick vd., 2013).
Bu ¢erg¢evede calismanin drneklem biiyiikligi psikometrik analizler i¢in yeterli diizeydedir. Ayrica
AFA ve DFA analizlerinin farkli 6rneklemler {izerinde yiiriitiilmesi, kesfedilen faktor yapisinin
bagimsiz bir 6rneklemde dogrulanmasina olanak tanimis ve modelin ¢apraz dogrulamasini (cross-
validation) desteklemistir. Tablo 1 ve 2’de ¢alismaya katilan o6gretmenlerin AFA ve DFA
orneklemlerine iliskin demografik 6zellikler tablolar1 sunulmustur.

Tablo 1: AFA ve DFA Orneklemlerine iliskin Demografik Ozellikler

Degisken Kategori n %
Cinsiyet Kadm 191 59.7
Erkek 129 40.3
Hizmet-ici YZ Egitimi Aldi 72 22.5
Almadi 248 71.5
Kidem 0-5 y1l 74 23.1
6-10 y1l 81 253
11-15 y1l 69 21.6
16 yil ve {izeri 96 30.0
Gérev Yapilan Okul Okul Oncesi 58 18.1
Kademesi Ilkokul 103 32.2
Ortaokul 87 27.2
Lise 72 22.5
Tablo 2: DFA Orneklemine iliskin Demografik Ozellikler
Degisken Kategori n %
Cinsiyet Kadin 186 59.0
Erkek 129 41.0
Hizmet-ici YZ Egitimi  Ald1 69 21.9
Almadi 246 78.1
Kidem 0-5 yil 71 22.5
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6-10 yil 82 26.0
11-15 y1il 67 21.3
16 y1l ve lizeri 95 30.2
Gorev Yapilan Okul Okul Oncesi 55 17.5
Kademesi Ilkokul 101 32.1
Ortaokul 86 27.3
Lise 73 23.2

Veri Toplama Araci

Deng ve arkadaglar1 (2025) tarafindan yiiriitiilen “When everyone is talking about Al: The
development of fear of missing out on Al scale” baglikli ¢aligmada FoMO-AI 6lgegi gelistirilmistir
(Deng vd., 2025). Olgek gelistirme siirecinde, orijinal formda yer alan 42 maddenin yapisal analizleri
yapilmis ve gizli faktorlerin ¢ikarilmasinin ardindan, Yapay Zekadya Yonelik Gelismeleri Kagirma
Korkusu’nu degerlendirmek i¢in 26 maddelik kisaltilmis bir versiyon gelistirilmistir. Olgek biitiiniiniin
ve her bir faktoriin i¢ tutarliligini degerlendirmek icin Cronbach Alfa (o) istatistiksel Ol¢ii olarak
kullanilmistir. Olgegin genel giivenirlik katsayis1 .972 iken ii¢ faktoriin giivenirlik degerlerinin de .90’1n
tizerinde oldugu saptanmistir. Alan yazina gore, .70 veya lizeri bir alfa katsayisi kabul edilebilir bir
giivenirlik diizeyini gosterirken .90 veya lizeri bir katsayr miikemmel bir giivenirlik diizeyini isaret
etmektedir (Peterson, 1994; Taber, 2018). Ayrica dlgek, dlciit bagintili gecerlik agisindan tatmin edici
sonuglar ortaya koymustur. Olcegin ii¢ boyutu su sekilde tanimlanmugtir:

* Yapay Zeka Geride Kalma Kaygisi: Bireyin yapay zeka becerilerinde bagkalarinin gerisinde kalma
endisesi.

* Yapay Zeka Erisim Kaygilari: Bireylerin veya kurumsal alanlarin yapay zeka teknolojisiyle yetersiz
entegrasyonundan kaynaklanan kaygilar.

* Yapay Zeka Kazang/Getiri Kaygisi: Bireylerin ¢esitli yonlerde yapay zeka gelisiminin faydalarindan
mahrum kalma endiseleri nedeniyle yasadiklar1 kaygi ve depresyon gibi olumsuz duygular.

Veri Analizi

Arastirma kapsaminda toplanan veriler SPSS 20.0 istatistik paket programi ve AMOS
kullamlarak analiz edilmistir. Olgegin gecerlik ve giivenirligini belirlemek icin AFA ve DFA
yapilmustir. Olgek faktdrleri arasindaki korelasyonun belirlenmesinde Pearson korelasyon katsayilari
hesaplanmistir. Olgek maddelerinin ayirt edicilik diizeylerini incelemek icin madde-toplam korelasyonu
ve alt-list %27’lik grup ortalama farklar1 (#-testi) temelinde madde analizi teknikleri kullanilmistir.
Olgegin giivenirlik diizeyini tahmin etmek icin i¢ tutarlilik ve yartya bdlme (split-half) tekniklerinden
yararlamlmistir. I¢ tutarlillk analizi ile giivenirligin belirlenmesinde Cronbach Alfa katsayisi
hesaplanarak raporlanmistir.

Aragtirmanin uygulama siirecinde, 6lgegin yap1 gegerligini test etmek amaciyla veriler iki farkli
orneklem grubundan toplanmustir. ilk asamada AFA igin 320 6gretmenden elde edilen verilerle dlgegin
Tiirk kiiltiiriindeki faktor yapisi incelenmis ve maddelerin faktor yiik degerleri ile ayirt edicilikleri
dogrultusunda gerekli diizenlemeler yapilmistir. Ardindan, belirlenen yapisal modelin dogrulanmasi
amaciyla ilk gruptan tamamen bagimsiz ve farkli bir 6rneklem grubunda yer alan 315 6gretmenden
veriler toplanmistir. Bu grup iizerinden yiiriitiilen DFA ile 6l¢egin 26 maddelik nihai formunun faktor
yapist ve modelin veriye uyum diizeyini gosteren uyum degerleri test edilmistir. Sonug olarak, her iki
asamada da 26 maddelik 6l¢ek formu kullanilarak veriler toplanmig ve dlgegin psikometrik 6zellikleri
kapsaml istatistiksel analizlere tabi tutulmustur. Pilot uygulama asamasinda 6lgek 35 kisilik kiiciik bir
Ogretmen grubuna uygulanmistir (Hertzog, 2008).

Bulgular

Yapay Zekaya Yonelik Gelismeleri Kagirma Korkusu (FoMO-AI) 6lgegi, Deng ve arkadaslari
(2025) tarafindan gelistirilen “When everyone is talking about Al: The development of fear of missing
out on Al scale” baslikli calismaya dayanmaktadir. Olcek gelistirme siirecinde, orijinal formda yer alan
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42 maddenin yapisal analizleri gerceklestirilmis ve gizli faktorlerin ortaya cikarilmasinin ardindan,
FoMO-AT’1 degerlendirmek amaciyla 26 maddeden olusan kisaltilmig bir form elde edilmistir.

Acimlayic1 Faktor Analizi (AFA) Bulgular:

Olgegin yap1 gegerligi analizi icin dncelikle veri setinin uygunlugu incelenmistir. AFA igin 320
ogretmenden elde edilen verilerin normallik varsayimlari incelenmis ve verilerin ¢arpiklik ile basiklik
degerleri hesaplanmistir (Field, 2013). Carpiklik ve basiklik degerlerinin +2 arasinda olmasi
gerekmektedir (George & Mallery, 2024; Tabachnick vd., 2013). Maddelerin garpiklik degerleri —.187
ile .190 arasinda, basiklik degerleri ise —.475 ile —.026 arasinda degismektedir. Bu degerler Onerilen
sinirlar igerisinde yer almakta olup dagilimlarin simetrik yapiya yakin oldugunu gostermektedir.

AFA oOncesinde veri setinin faktor analizine uygunlugu Kaiser-Meyer-Olkin (KMO) 6rneklem
yeterlilik katsayis1 ve Bartlett Kiiresellik Testi ile degerlendirilmistir. KMO degeri .964 olarak
bulunmustur. Bu deger Kaiser’in (1974) 6nerdigi simiflandirmaya gore “miikemmel” diizeyde 6rneklem
yeterliligine isaret etmektedir (Kaiser, 1974). Bartlett Kiiresellik Testi sonucu istatistiksel olarak
anlamlidir (> = 8012.989, sd = 325, p <.001). Bu bulgu, korelasyon matrisinin birim matris olmadigin
ve degiskenler arasinda faktdr analizini gerektirecek diizeyde anlamli iliskiler bulundugunu
gostermektedir (Tabachnick vd., 2013).

Faktor cikarma islemi temel bilesenler analizi yontemi ile gerceklestirilmis, faktorlerin
yorumlanabilirligini artirmak amaciyla Varimax dondiirme teknigi uygulanmistir (Field, 2024).
Ozdegerler incelendiginde Kaiser dlgiitiine (dzdeger > 1) gore ii¢ faktorlii bir yapr elde edilmistir
(Kaiser, 1960). Birinci faktoriin 6zdegeri 11.654, ikinci faktoriin 4.881 ve {i¢iincii faktoriin 3.227°dir.
Bu ti¢ faktor toplam varyansin %76.01°ini agiklamaktadir. Sosyal bilimlerde toplam agiklanan varyansin
%40-60 araliginda olmas1 yeterli kabul edilirken (Hair, Risher, vd., 2019), bu ¢alismada elde edilen
%7611k oran oldukea giiclii bir yap1 gegerligine isaret etmektedir. Dondiirme sonrasi varyans dagilimi
incelendiginde birinci faktoriin %33.530, ikinci faktoriin %21.618 ve iiclincii faktoriin %20.858
oraninda varyans agikladig1 goriilmektedir. Yamag egrisi (Scree Plot) incelendiginde tiglincii faktorden
sonra egrinin belirgin bi¢cimde yataylastigi ve kirilma noktasinin ligiincii faktorde olustugu gézlenmistir;
bu bulgu ti¢ faktorlii yapiyr desteklemektedir (Cattell, 1966).

Scree Plot
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Sekil 1. FOMO-AI Olgegine Iliskin Yamag Birikinti Grafigi (Scree Plot)
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Ortak varyans (communalities) degerleri .686 ile .821 arasinda degismektedir. Tiim maddelerin
.50’nin iizerinde ortak varyans degerine sahip olmasi, maddelerin faktor yapisi tarafindan giiclii bigimde
temsil edildigini géstermektedir (Hair, Black, vd., 2019).

Ortak varyans (communalities) degerleri .686 ile .821 arasinda degismektedir. Tiim maddelerin
.50’nin iizerinde ortak varyans degerine sahip olmasi, maddelerin faktor yapisi tarafindan giiclii bigimde
temsil edildigini gdstermektedir (Hair, Black, vd., 2019). Diisiik ortak varyans nedeniyle 6lgekten
cikarilmasi gereken herhangi bir madde bulunmamaktadir. Dondiiriilmiis bilesen matrisi incelendiginde
maddelerin kuramsal olarak Ongoriilen alt boyutlarda yiiksek faktor yiiklerine sahip oldugu
belirlenmistir. Birinci faktorde yer alan maddelerin faktor yiikleri .810 ile .854 arasinda degismektedir
ve bu boyut “Yapay Zeka Geride Kalma Kaygisi (Al Backwardness Anxiety)” olarak adlandirilmistir.
Ikinci faktorde yer alan maddelerin yiikleri .839 ile .874 arasinda degismekte olup “Yapay Zeka Erisim
Kaygilar1 (Al Access Concerns)” boyutunu temsil etmektedir. Ugiincii faktordeki maddelerin yiikleri ise
.834 ile .866 araliginda olup “Yapay Zeka Kazang/Getiri Kaygisi (Al Dividend Anxiety)” boyutunu
yansitmaktadir. Tiim maddelerin .40 esik degerinin oldukca {izerinde yiik degerlerine sahip olmasi ve
anlamli capraz yiiklenmelerin bulunmamasi, faktér yapisinin temiz ve kuramsal olarak tutarli oldugunu
gostermektedir (Costello & Osborne, 2005). AFA bulgular1 Tablo 3’te sunulmustur.

Tablo 3. Acimlayict Faktdr Analizi Bulgulari

Madde F1 F2 F3 Ortak Varyans (4?)
M1 .839 - - 738
M2 .836 - - 736
M3 .847 - - 778
M4 .843 - - 728
M5 .835 - - 717
M6 .832 - - 736
M7 .854 - - 742
M8 .810 - - .686
M9 .838 - - 756
M10 .835 - - 736
Ml1 .833 - - 727
M12 .825 - - 735
M13 - - .839 752
M14 - - .846 775
M15 - - .857 773
M16 - - .866 793
M17 - - .835 .740
M18 - - .851 755
M19 - - .834 750
M20 - .839 - .784
M21 - .874 - .804
M22 - .862 - 813
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M23 - .867 - 821
M24 - 851 - 789
M25 - .856 - .800
M26 - .855 - 798

Not. KMO = .964; Bartlett 2 (sd = 325) = 8012.989, p < .001; Agiklanan Toplam Varyans = %76.01; Ozdegerler = 11.654 /
4.881/3.227. F1 = Yapay Zeka Geride Kalma Kaygisi; F2 = Gelismeleri Kagirma Korkusu; F3 = Yapay Zeka Kazang/Getiri
Kaygisi.

Yamag birikinti grafigindeki yigilma noktalar1 dikkate alindiginda ti¢ faktorli yapinin
dogrulandig goriilmiistiir. Bu sekilde, 26 maddelik ii¢ faktorlii 7°1i Likert tipi 6lgegin orijinal dlcekteki
hicbir madde ¢ikarilmadan 6ngoriilen kosullar karsiladigi belirlenmistir (Cattell, 1966). Maddeler ile
faktorler arasindaki iliskiler 6zgiin dlgekte onerildigi sekilde tanimlanmis ve modelin uyum diizeyi DFA
kapsaminda incelenmistir. Analiz kapsamindaki yollarin tamami anlamli bulunmustur. Elde edilen
bulgular birlikte degerlendirildiginde, 6lgegin 6zgilin formunda 6ngdriilen ii¢ faktdrlii yapinin Tiirkce
orneklemde giiglii bigimde korundugu ve maddelerin ilgili boyutlar yiiksek diizeyde temsil ettigi
sonucuna ulagilmistir. Bu sonuglar, 6l¢egin yap1 gecerligine iliskin gii¢lii ampirik kanitlar sunmaktadir.

Dogrulayic1 Faktor Analizi (DFA) Bulgularn

Olgegin faktor yapistm dogrulamak amaciyla DFA gerceklestirilmistir. Yapisal esitlik
modellemesi kapsaminda gergeklestirilen DFA, 6lgme modelinin kuramsal olarak ongoriilen faktor
yapisint dogrulamak i¢in kullanilan temel yontemlerden biridir (Brown, 2015; Kline, 2023). Analiz
sonucunda elde edilen model uyum indeksleri incelendiginde modelin veri ile iyi diizeyde uyum
sagladigi gorilmistiir. DFA sonucunda elde edilen standartlastirilmig faktor yikleri ve ti¢ faktorlii
6l¢gme modeli Sekil 2°de sunulmustur.

Scree Plot

Eigenvalue

Component Number

Sekil 2. FoMO-AI Olgeginin Ug Faktérlii Dogrulayici Faktor Analizi Modeli

Sekil 2°de standartlagtirilmig faktor yiikleri gosterilmektedir. Tiim yol katsayilar istatistiksel
olarak anlamli bulunmustur (p < .001). DFA sonucunda elde edilen standartlastirilmig faktor yiikleri
incelendiginde Yapay Zeka Geride Kalma Kaygisi faktoriine ait maddelerin faktor yiiklerinin .689 ile

.782 arasinda degistigi goriilmistiir.

Modelin ki-kare degeri ¥*> = 326.964 ve serbestlik derecesi sd = 296 olarak bulunmustur. Ki-
kare degerinin serbestlik derecesine orani (y*/sd = 1.105), 3’iin altinda olup modelin iyi uyum
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gosterdigine isaret etmektedir. Literatiirde y?/sd oraninin 3’ten kii¢iik olmasinin iyi uyuma, 5’ten kiiciik
olmasinin ise kabul edilebilir uyuma isaret ettigi belirtilmektedir (Kline, 2023; Schumacker & Lomax,
2016). Ayrica ki-kare testinin anlamli olmamasi (p = .104) model ile veri arasinda anlamli bir fark
bulunmadigini gostermektedir.

Mutlak uyum indeksleri incelendiginde GFI degerinin .942 ve AGFI degerinin .931 oldugu
goriilmektedir. Bu degerler onerilen .90 esik degerinin {izerinde olup modelin iyi diizeyde uyum
sagladigin1 gdstermektedir (Hair, Black, vd., 2019; Hu & Bentler, 1999). Artimli uyum indeksleri
incelendiginde NFI (.945), RFI (.940), IFI (.995), TLI (.994) ve CFI (.995) degerlerinin .90 esik
degerinin oldukga lizerinde oldugu goriilmektedir. Bu indekslerin .90’1n iizerinde olmasi modelin iyi
uyum gosterdigine, .95’in iizerinde olmasi ise miikkemmel uyuma isaret etmektedir (Hu & Bentler, 1999;
Kline, 2023). Modelin hata uyumunu degerlendirmek amaciyla incelenen RMSEA degeri .016 olarak
bulunmustur. RMSEA degerinin .05’in altinda olmasi modelin milkemmel uyum gosterdigini ifade
etmektedir (Browne vd., 1993; Hu & Bentler, 1999). RMSEA i¢in hesaplanan giiven araligimin alt siniri
.000 ve iist sinir1 .026 olarak belirlenmistir. PCLOSE degerinin 1.000 olmasi da modelin miikemmel
uyuma sahip oldugunu desteklemektedir (Tablo 4).

Tablo 4: Dogrulayici Faktdr Analizi Model Uyum Indeksleri

indeks Kabul Edilebilir Deger Model Degeri
v/sd <3 1.105

CFI > .90 995

TLI > .90 994

GFI > .90 .942

AGFI > .90 931

NFI > .90 945

IFI > .90 995

RMSEA <.08 .016

DFA sonucunda elde edilen standartlastirilmig faktor yiikleri incelendiginde Yapay Zeka Geride
Kalma Kaygisi faktoriine ait maddelerin faktor yiiklerinin .689 ile .782 arasinda degistigi goriilmiistiir.
Yapay Zeka Erisim Kaygilar faktoriine ait maddelerin faktor yiikleri .692 ile .786 arasinda, Yapay Zeka
Kazang/Getiri Kaygisi faktdriine ait maddelerin faktor yiikleri ise .700 ile .821 arasinda degismektedir.
Literatlirde faktor yiiklerinin .50’nin iizerinde olmasi kabul edilebilir, .70’in iizerinde olmasi ise giiglii
faktor yiikleri olarak degerlendirilmektedir (Hair, Black, vd., 2019; Tabachnick vd., 2013). Bu
dogrultuda tiim maddelerin ilgili faktorleri yeterli diizeyde temsil ettigi sOylenebilir. Ayrica tiim
maddelerin kritik oran (CR) degerlerinin 1.96’dan biiyiik oldugu ve anlamlilik diizeylerinin p < .001
oldugu belirlenmistir. Bu bulgu tiim faktor yiiklerinin istatistiksel olarak anlamli oldugunu
gostermektedir.

Maddelerin agiklanan varyansini gdsteren Squared Multiple Correlations (SMC) degerleri
incelendiginde maddelerin faktorleri tarafindan agiklanan varyans oranlarinin .47 ile .67 arasinda
degistigi goriilmiistiir. Alan yazinda maddelerin agiklanan varyansinin .40’1n {izerinde olmasinin kabul
edilebilir oldugu ifade edilmektedir (Hair, Black, vd., 2019). Bu bulgular maddelerin ilgili faktorler

tarafindan yeterli diizeyde agiklandigin1 gostermektedir.
Giivenirlik ve Yakinsak Gecerlik

Olgegin biitiiniine ve alt boyutlarina iliskin i¢ tutarlilig1 degerlendirmek amactyla Cronbach Alfa
(a), bilesik giivenirlik (CR) ve ortalama agiklanan varyans (AVE) hesaplanmistir. Faktorlere ait
Cronbach Alfa katsayilarinin .89 ile .92 arasinda, CR degerlerinin .91 ile .93 arasinda, AVE degerlerinin

ise .53 ile .59 arasinda degistigi belirlenmistir (Tablo 5). Literatiirde CR degerlerinin .70’in {izerinde,
AVE degerlerinin ise .50 nin iizerinde olmasi yakinsak gegerligin saglandigini gostermektedir (Fornell
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& Larcker, 1981a; Hair, Black, vd., 2019). Bu bulgular dogrultusunda 6lgegin faktdr yapisinin yeterli
diizeyde giivenirlige ve yakinsak gegerlige sahip oldugu sdylenebilir.
Tablo 5: Faktorlere Iligskin Giivenirlik ve Yakinsak Gegerlik Degerleri

Faktor Madde Sayis1  Cronbacha CR AVE
Yapay Zekd Geride Kalma Kaygist (Al 12 92 93 53
Backwardness Anxiety)

Yapay Zekd Erisim Kaygilar1 (Al Access 7 .89 91 .57
Concerns)

Yapay Zeka Kazang/Getiri Kaygist (Al Dividend 7 .90 92 .59
Anxiety)

Ayirt Edici Gecerlik

Olgegin ayirt edici gegerligini incelemek amaciyla Fornell ve Larcker (1981) tarafindan dnerilen
kriter kullanilmigtir (Fornell & Larcker, 1981a). Bu yonteme gore bir yapimin ortalama agiklanan
varyansinin (AVE) karekokiiniin, o yapinin diger yapilarla olan korelasyon katsayilarindan daha biiyiik
olmasi gerekmektedir. Tablo 6 incelendiginde, her bir faktore ait AVE degerlerinin karekdklerinin
(Yapay Zeka Geride Kalma Kaygis1 =.73, Yapay Zeka Erisim Kaygis1 =.75, Yapay Zeka Kazang/Getiri
Kaygisi = .77) faktorler arasi korelasyon katsayilarindan daha yiiksek oldugu goriilmektedir. Bu bulgu
Olcegin faktorlerinin birbirinden ayirt edilebilir oldugunu ve 6l¢iim modelinde ayirt edici gegerligin de
saglandigimi gostermektedir. Dolayisiyla 6lgegin ii¢ faktdrlii yapisinin kavramsal olarak birbirinden
farkli ancak birbiriyle iliskili yapilar1 temsil ettigi sdylenebilir.

Tablo 6: Faktorlere Iliskin Fornell-Larcker Ayirt Edici Gegerlik Bulgular

Faktor 1 2 3
1. Yapay Zeka Geride Kalma Kaygis1 (Al Backwardness Anxiety) 73

2. Yapay Zeka Erisim Kaygilar1 (Al Access Concerns) 47 .75

3. Yapay Zeka Kazang/Getiri Kaygisi (Al Dividend Anxiety) 44 53 77

Not. Diyagonaldeki kalin degerler AVE degerlerinin karekokiinii gostermektedir.

Faktorler arasindaki iliskiler incelendiginde Yapay Zeka Kaygisi ile Yapay Zeka Erisim Kaygisi
faktorii arasinda orta diizeyde (.47), Yapay Zeka Geride Kalma Kaygisi ile Yapay Zeka Kazang/Getiri
Kaygisi arasinda orta diizeyde (.44) ve Yapay Zeka Erisim Kaygisi ile Yapay Zekd Kazang/Getiri
Kaygisi arasinda orta diizeyde (.53) iligski oldugu goriilmiistiir. Bu durum faktorlerin birbiriyle iligkili
ancak birbirinden ayirt edilebilir yapilar oldugunu géstermektedir. Olgiim modellerinde faktérler arasi
iligkilerin belirli diizeyde olmasi beklenen bir durumdur ve bu durum yapinin ¢ok boyutlu karakterini
desteklemektedir (Brown, 2015). Sonug olarak DFA bulgulari, 6l¢egin 26 maddeden olusan ii¢ faktorlii
yapisinin dogrulandigini ve modelin veri ile yiiksek diizeyde uyum gosterdigini ortaya koymaktadir. Bu
bulgular, 6lgegin yap1 gecerliginin desteklendigini gostermektedir.

Tartisma
Bulgularin Genel Degerlendirmesi ve Kuramsal Konum

Bu calisma, Deng ve arkadaglar1 (2025) tarafindan gelistirilen FoMO-AI o6l¢eginin Tiirk
kiiltiirine uyarlanmasi, gegerlik ve giivenirlik kanitlarinin tiretilmesi amaciyla yiiriitiilmiistiir (Deng vd.,
2025). Ogretmen drnekleminden elde edilen veriler, dlgegin Tiirkge formunun yiiksek diizeyde yapi
gecerligi, i¢ tutarlilik ve yakinsak/iraksak gegerlik gosteren, kuramsal olarak tutarli bir psikometrik arag
niteligi tasidigini ortaya koymustur. Bu calismanin katkis1 yalmzca dilsel bir aktarimin ¢ok Otesine
uzanmakta; FoMO kavraminin sosyal medya odakli kdkenlerinden yapay zeka ekosistemine taginmis
giincel ve 6zglin bir bigiminin Tiirk yazininda ilk kez biitiinciil bigimde 6l¢iilmesini olanakli kilmaktadir.
Bulgular, yapay zeka kabulii, dijital kaygi ve teknostres alanlarinda giderek genisleyen literatiirle
uyumlu bigimde, FoOMO yapisinin yalnizca sosyal etkilegim baglamiyla simirli bir olgu olmadigini;
aksine teknoloji odakli ¢alisma ortamlarina ve dzellikle egitim ekosistemlerine dogru genisleyen, cok
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boyutlu bir psikolojik gerceklik haline geldigini desteklemektedir(Deng vd., 2025; S. Wang & Zhang,
2025; P. Yang vd., 2025).

Uc Faktorlii Yapimin Tiirk Orneklemde Dogrulanmas:

AFA bulgulari, Tiirk¢e formun orijinal modelle uyumlu ii¢ faktorlii bir yapi sergiledigini agikca
gostermektedir. KMO degerinin .964 olarak bulunmasi ve Bartlett kiiresellik testinin yiiksek diizeyde
anlaml (> = 8012.989, sd = 325, p < .001) ¢ikmasi, veri setinin faktor analizine Kaiser’in (1974)
siniflandirmasina gore “miikemmel” diizeyde uygun oldugunu kanitlamaktadir (Hair, Risher, vd., 2019;
Tabachnick vd., 2013). Ug faktoriin toplam varyansin %76.01’ini a¢iklamasi, sosyal bilimlerde kabul
edilen %40-60’lik alt sinirin anlamli bigimde tizerinde bir oran olup, yap1 gecerligi igin gii¢lii bir ampirik
kanit sunmaktadir (Hair, Risher, vd., 2019). Maddelerin faktor yiiklerinin .810 ile .874 araliginda
degismesi ve hicbir maddede dikkate deger ¢apraz yiiklenme bulunmamasi, Costello ve Osborne’un
(2005) “temiz faktor yapisi” tanimlamasina karsilik gelmekte ve Tiirkge formun yapisal safligini teyit
etmektedir (Costello & Osborne, 2005).

DFA asamasinda elde edilen y*/sd = 1.105, RMSEA =.016, CFI = .995, TLI = .994, GFI = .942
ve AGFI = .931 degerleri, Hu ve Bentler’in (1999) “miikemmel uyum” kriterlerini énemli 6lgiide
agsmaktadir. Modelin yalnizca kabul edilebilir degil, ayn1 zamanda kanit degeri yiliksek bir uyum
gosterdigi sOylenebilir. Bu sonug, Deng ve arkadaslarinin (2025) Cin 6rneklemiyle yiiriittiigii orijinal
gelistirme calismasinda saptanan ii¢ boyutlu yapiyi, kiiltiirel ve dilsel farkliliklara kargin biiytik olciide
yinelemekte; bdylece FOMO-ALI yapisinin kiiltiirlerarasi psikometrik bir “saglamlik” gosterdigine iliskin
ilk ampirik desteklerden birini saglamaktadir (Deng vd., 2025). Bu durum, dijital ¢agda ortaya ¢ikan
psikolojik yapilarin belirli kiiltiirel sinirlarin 6tesine gecgen transkiiltiirel boyutlar tasidigi goriisiiyle
uyumludur (Cheung vd., 2011; Van de Vijver & Tanzer, 2004). Faktor yiiklerinin orijinal ¢alisma ile
yakin araliklarda olmasi ve faktorler arasi ayrismanin korunmus olmasi, yapinin gekirdek mimarisinin
kiiltiirel adaptasyon siireclerine kars1 dayanikliligina isaret etmektedir.

Birinci Faktor: Yapay Zeka Geride Kalma Kaygisi

Birinci faktor (orijinal modelde “Al Backwardness Anxiety ), bireyin yapay zeka becerilerinde
bagkalarmin gerisinde kalma endisesini yansitmakta ve dondiirme sonrasi toplam varyansin
%33.530’unu agiklayarak dl¢egin merkezi yapisini olusturmaktadir. Bu bulgu, Wang ve Wang’in (2019)
Yapay Zeka Kaygi Olgegi (AIAS) kapsaminda tanimladiklar1 “6grenme kaygisi” boyutuyla kavramsal
olarak oOrtiismekte; ancak FoMO-AI baglaminda bu kaygi, yalnizca soyut bir 6grenme zorlugundan
degil, cagdaslariyla gorece bir “gecikme” algisindan beslenmektedir (J. Wang & Wang, 2019). Wang
ve Zhang’in (2025) isyerinde yapay zekaya yonelik gelismeleri kacirma korkusu {izerine yiiriittiigii
kavramsal ¢aligma, bu yapinin ¢alisanlarda becerilerin degersizlesmesi (skill devaluation) algisiyla
dogrudan baglantili oldugunu vurgulamaktadir (S. Wang & Zhang, 2025). Mevcut bulgular, bu siirecin
ogretmenler 6zelinde de giiclii bicimde gecerli oldugunu desteklemektedir.

Egitim alani, mesleki yetkinligin ve “bilen-6greten konumunun” siirekli giincellenmesini
gerektirdiginden, bu kaygmin o6zellikle 6gretmenlerde belirginlesmesi sasirtict degildir. Pillai ve
arkadaslarinin (2024) belirttigi gibi, yapay zeka destekli egitim sistemlerinin hizla yayginlagsmasi,
Ogretmenleri rolleri yeniden tanimlanan ve “asistan benzeri konuma indirgenme” kaygisi tasiyan
profesyoneller olarak konumlandirmaktadir (Pillai vd., 2024). Bu kaygi, Bandura’nin (1997) 6z-yeterlik
kuram1 c¢ergevesinde degerlendirildiginde, mesleki kimlik ile algilanan yetkinlik arasindaki
uyumsuzlugun bir tezahiirii olarak yorumlanabilir; 6gretmenler, yapay zekaya bagli performans
beklentilerinin kendi mevcut yetkinlik repertuvarlariyla Ortiismedigini algiladik¢a artan kaygi
semptomlar1 sergilemektedir (Bandura, 1997). Méndez-Suarez ve Nincevi¢-Pasali¢ (2025) yapay
zekdya bagl beceri degersizlesmesi algisinin calisanlarda kaygi tetikleyen en giiclii 6n belirleyici
oldugunu vurgulamis; bu bulgu, mevcut ¢alismadaki birinci faktoriin varyans agiklama giiciiniin diger
faktorlerden daha yiiksek olmasiyla tutarli bir driintii sergilemektedir (Méndez-Suarez vd., 2025).

ikinci Faktor: Yapay Zeka Erisim Kaygilar

Ikinci faktor (orijinal modelde “AI Access Concerns”), bireylerin veya kurumlarin yapay zeka
teknolojilerine yetersiz erisiminden kaynaklanan kaygilar1 kapsamakta ve toplam varyansin
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%21.618’ini aciklamaktadir. Bu boyutun Tiirk drneklemde belirgin bi¢cimde ayrigmasi, dijital ugurum
(digital divide) literatiiriiyle gii¢lii bir kuramsal bag kurmaktadir. Van Dijk’in (2020) ortaya koydugu
cok katmanli dijital esitsizlik modeli, fiziksel erisim, dijital beceri ve icerik erisimi arasindaki
kademeleri belirlemis; mevcut calismadaki bulgular, FOMO-AD'in 6zellikle bu ii¢ diizeyle iliskili
kaygilar1 kapsayan psikolojik bir yansimasi olabilecegini diisiindiirmektedir (Van Dijk, 2020). Bu
cergevede, ikinci faktdriin varligit FOMO-AI’1n yalmzca bireysel diizeyde bir psikolojik yap1 olmadigini;
ayni zamanda makro-yapisal esitsizliklerin bireysel zihinde nasil i¢sellestirildigini de yansittigini ima
etmektedir.

Calismanin Dogu Anadolu’daki bir ilde yiiriitiilmiis olmasi, bu faktoriin varyansini anlamak igin
baglamsal bir deger tasimaktadir. Tiirkiye’de bolgesel diizeyde dijital altyapi, internet hiz1 ve donanim
erisimi acisindan gozlemlenen farkliliklar gbéz oOniine alindiginda, kirsal ya da yari-kentsel gorev
yerlerinde ¢alisan 6gretmenlerin “erisim kaygisi”’n1 diger bolgelerdeki meslektaslarina gére daha yogun
deneyimliyor olmasi olasidir. Bu durum, dlgegin gelecekteki uygulamalarinda bolgesel ve okul
kademesi temelli karsilastirmalarin bilimsel olarak degerli sonuglar iiretebilecegine isaret etmektedir.
Kim ve Lee’nin (2024) yapay zeka 6z-yeterligi iizerine yiiriittiigli calisma, beceri ve donanim erigiminin
saglanmasinin yapay zeka kaygisini anlamli bicimde azalttigini ortaya koymaktadir (Kim & Lee, 2024).
Ayrica, Davis’in (1989) Teknoloji Kabul Modeli (TAM) ve Venkatesh ve arkadaglarinin (2003)
UTAUT modeli kapsaminda “algilanan kullanim kolayligi” ve “kolaylastirict kosullar” degiskenleri,
erisim kaygisinin teorik temelleriyle yakindan iliskilidir (Davis, 1989a; Venkatesh vd., 2003b).

Uciincii Faktor: Yapay Zeka Kazanc/Getiri Kaygisi

Ucgiincii faktor (orijinal modelde “AI Dividend Anxiety”), bireylerin yapay zeka gelisiminin
sundugu firsatlardan, kazanimlardan ve sosyo-ekonomik odillerden mahrum kalmaktan duydugu
endiseyi yansitmakta ve toplam varyansin %20.858’ini agiklamaktadir. Bu boyut, Przybylski ve
arkadaslarinin (2013) 6z-belirleme kurami temelli FOMO tanimina en yakin olarak degerlendirilebilir
(Deci & Ryan, 2013; Przybylski vd., 2013). Yetkinlik (competence) ve iliskililik (relatedness) gibi temel
psikolojik ihtiyaglarin karsilanmadigi durumlarda ortaya ¢iktigi belirtilen FoMO, yapay zeka
baglaminda “odiillendirici teknolojik firsatlar1 kacirma” kaygisinin somut bir uzantisi olarak islev
gormektedir.

Elhai ve arkadaglarinin (2018, 2020) FoMO ile sorunlu sosyal medya ve akilli telefon kullanimi
arasindaki iliskiler {izerine yiiriittigli kapsamli ¢aligmalar, bu yapinin bagimlilik benzeri kullanim
kaliplar1 ve ruh saglig1 belirtileriyle iliskilendirilebilecegini ortaya koymustur (Elhai vd., 2018, 2020).
Mevcut calisma, bu yapisal iligkilerin yapay zekda alaninda da yansimalarinin olabilecegini
diisiindiirmekte; FoOMO-AI’1n yalnizca bir farkindalik gostergesi degil, ayn1 zamanda potansiyel bir
psikososyal risk faktorii olabilecegine isaret etmektedir. Yang ve arkadaglarinin (2025) generatif yapay
zeka kabuliine iliskin bulgulariyla da uyumlu olan bu yorum, yapinin teknoloji kabul kuramlari (TAM,
UTAUT) ile FOMO arasinda kuramsal bir kdprii islevi gordiigiini diisiindiirmektedir (P. Yang vd.,
2025). Bu yoniiyle FOMO-ALI, dijital davranislar literatiiriinde gézlenen “fayda-tehdit ikiligi ni bireysel
kaygi diizeyinde yakalayan bir mercek sunmaktadir (Brougham & Haar, 2018).

Olcegin Psikometrik Ozelliklerinin Uluslararasi Calismalarla Karsilastiriimasi

Tiirk¢e formdaki Cronbach Alfa katsayilar1 (.89-.92), Deng ve arkadaslarmin (2025) orijinal
Cin ornekleminde raporlanan degerlerle (genel a = .972; tiim boyutlarda a > .90) yakin bir uyum
sergilemektedir (Deng vd., 2025). CR (.91-.93) ve AVE (.53-.59) degerleri, Fornell ve Larcker’in (1981)
onerdigi esiklerin (CR > .70, AVE > .50) anlaml1 bigimde iizerinde yer almakta ve yakinsak gegerligi
desteklemektedir (Fornell & Larcker, 1981b). AVE karekok degerlerinin (.73, .75, .77) faktorler arasi
korelasyonlardan (.44-.53) acikca yiiksek olmasi, ayirt edici gecerligin de saglandigim
gostermektedir(Henseler vd., 2015).

Bu psikometrik gostergelerin uluslararasi benzer 6lgeklerle karsilastirilmasi, Tiirkge formun
bilimsel saglamligim daha da belirgin kilmaktadir. Wang ve Wang’in (2019) Yapay Zeka Kaygi
Olgegi'nin Tiirkge uyarlamalarinda Akkaya ve arkadaslar1 (2021) Cronbach Alfa degerlerini .89-.96
arasinda, Terzi (2020) ise .85-.93 arasinda raporlamistir (Akkaya vd., 2021; Terzi, 2020; J. Wang &
Wang, 2019). Gokler ve arkadaslar1 (2016) ile Can ve Satic1 (2019) tarafindan Tiirk¢eye uyarlanan
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klasik FoMO o6lgegi icin raporlanan i¢ tutarlilik katsayilarmin .79-.81 araliginda kaldigi
diisiiniildiigiinde, mevcut galigmanin giivenirlik kanitlar1 alandaki Tiirk¢e dlgek uyarlamalari arasinda
iist diizey bir psikometrik kaliteye isaret etmektedir (Can & Satici, 2019; Gokler vd., 2016). Bu durum,
yalnizca dilsel g¢evirinin degil; ceviri-geri g¢eviri siirecinin, uzman degerlendirmelerinin ve pilot
uygulamanin titizlikle yiiriitiilmiis olmasinin bir yansimasi olarak okunabilir (Beaton vd., 2000; Sousa
& Rojjanasrirat, 2011). DFA model uyum indekslerinin de (RMSEA =.016, CFI =.995) Wang ve Wang
(2019) ile Akkaya ve arkadaslar1 (2021) tarafindan raporlanan degerlerle karsilastirildiginda oldukga
giiclii olmasi, dlgegin yapisal kararliligim teyit etmektedir (Akkaya vd., 2021; J. Wang & Wang, 2019).
DFA sonuglarinda elde edilen model uyum indekslerinin (¥*sd = 1.105, RMSEA = .016, CFI = .995,
TLI = .994), Wang ve Wang (2019), Akkaya ve arkadaglar1 (2021) ile Deng ve arkadaslarinin (2025)
Cin 6rnekleminde rapor ettikleri degerlerle (y*/df = 1.295; RMSEA = .034; CFI = .990; TLI = .987)
karsilastirildiginda benzer hatta daha giiglii bir uyum sergilemesi, 6lgegin Tiirk¢e formunun yapisal
gegcerliginin orijinal modelle tutarli bigimde korundugunu gostermektedir (Akkaya vd., 2021; Deng vd.,
2025; J. Wang & Wang, 2019).

Faktorler Arasi Orta Diizey iliskilerin Kuramsal Anlam

Faktorler arasi korelasyonlarin orta diizeyde (.44-.53) bulunmasi, FOMO-AI yapisinin ¢ok
boyutlu (multidimensional) ancak i¢ i¢e gecmis bir kavramsal mimari sergiledigini ortaya koymaktadir.
Bu 6riintli, Brown’in (2015) ¢ok boyutlu ortiik yapi tartismastyla uyumlu olup, ii¢ faktoriin ortak bir iist-
yapiy1 (genel FOMO-AI) ifade ettigini ima eden hiyerarsik modelleri kavramsal olarak desteklemektedir
(Brown, 2015). Bu durum, gelecekteki arastirmalarda ikinci-diizey dogrulayici faktor analizi (second-
order CFA) ile tek bir genel FOMO-AI faktoriiniin, {i¢ alt boyutu yoneten {ist diizey ortiikk degisken
olarak modellenmesinin degerli olabilecegini diisliindiirmektedir. Faktorler arasindaki orta diizey
iligkiler ayn1 zamanda, geride kalma kaygisi, erisim kaygisi ve kazang kaygisinin kavramsal olarak
iligkili ancak ampirik olarak ayrilabilir psikolojik mekanizmalara dayandigini gostermektedir. Bu
durum, Olg¢egin teshis ve miidahale g¢alismalarinda alt boyutlarin ayri ayri ele alinmasina olanak
tanimaktadir.

Kiiltiirel Baglamin Sonuclar Uzerindeki Olas1 Etkileri

Tiirk kiiltiiriiniin Hofstede’nin (2001) ulusal kiiltiir modeli kapsaminda belirsizlikten kaginma
(uncertainty avoidance) ve toplulukcu egilimler (collectivism) agisindan gorece yiliksek puanlar aldigi
bilinmektedir (Hofstede, 2001; Hofstede vd., 2010). Belirsizlikten kag¢inmanin yiiksek oldugu
kiiltiirlerde, yeni ve ongoriilemez teknolojilerin (6rnegin yapay zeka) bireyler iizerindeki kaygi yaratici
etkisinin daha belirgin olabilecegi 6ngoriillmektedir (Huang vd., 2019; Hwang, 2005). Bu baglamda,
FoMO-AI 6l¢eginin Tiirk 6gretmen drnekleminde yiiksek faktor yiikleri ve giiclii i¢ tutarlilik gdstermesi,
kiiltiirin belirsizlikten kaginma boyutunun yapay zekdya yonelik kaygilarin yogunlasmasinda bir
kolaylastirici (facilitator) islev gorebilecegine dair dolayl bir kanit olarak yorumlanabilir. Bu yorumun
deneysel olarak test edilmesi, gelecek kiiltiirlerarasi arastirmalar igin Onemli bir giindem
olusturmaktadir.

Toplulukeu kiiltiirlerde baskalariyla karsilagtirmali konum ve sosyal kabul belirleyici
oldugundan (Triandis, 1995), “geride kalma kaygisi” ve “firsatlar1 kagirma” kavramlarmin Tiirk
orneklemde 6zellikle giiglii ¢ikmasi beklenen bir bulgudur (Triandis, 1995). FoMO’nun temelinde
baskalariyla karsilastirma yatmasi disiiniildiigiinde, topluluk¢u kiiltiirel zeminin bu yapiy1 yapisal
olarak giiclendirmesi olasidir. Buna karsin, ii¢ faktorlii yapinin orijinal modelle yiiksek diizeyde uyumlu
kalmasi, FOMO-AI yapismin kiiltiirel olarak niianslar tasimakla birlikte temel yapisal mimarisinin
transkiiltiirel olarak istikrarli kaldigina isaret etmektedir. Bu durum, McCrae ve Costa’nin (1997) kisilik
arastirmalarindaki  “kdiltiirleraras1  evrensellesme” bulgulariyla benzer bir kuramsal patron
sergilemektedir: Ortak ¢ekirdek yapi kiiltlirlerarasinda korunurken, ifade bigimleri ve yogunluk diizeyi
kiiltiire 6zgii farklilasabilmektedir. Bu baglamda olgegin faktor yapist orijinal modelle yiiksek 6l¢iide
uyum goOstermis olsa da, Tiirk Ogretmen Ornekleminde oOzellikle erisim kaygilar1 boyutunun
belirginlesmesi, dijital esitsizlikler ve mesleki doniisiim baskilarimin kiiltiirel baglamda daha goriiniir
yasandigini diistindiirmektedir.
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Kuramsal Katkilar

Bu calismanin alanyazina sagladigi kuramsal katkilar cok yénliidiir. i1k olarak, calisma; yapay
zeka kaygisi (J. Li & Huang, 2020; J. Wang & Wang, 2019), genel FoMO (Elhai vd., 2018; Przybylski
vd., 2013) ve teknoloji kabulii (Davis, 1989b; Venkatesh vd., 2003a) gibi kuramsal olarak farkl
arastirma hatlarin birlestiren bir kdprii-6lcegin Tiirk¢e versiyonunu sunmaktadir. Ikinci olarak, dlcek,
mevcut Tiirkge 0lgme araglart arasinda karsiligi bulunmayan, kavramsal olarak ayri bir yapi (yapay
zekaya yonelik FoMO) igin psikometrik bir 6l¢iim temeli olusturmaktadir. Ugiincii olarak, gretmen
orneklemi iizerinde elde edilen kamitlar, egitim psikolojisi ve dgretmen mesleki gelisimi alanlarina
yapay zekdya yonelik psikolojik tepkilerin degerlendirilmesinde kullanilabilecek bir kuramsal mercek
kazandirmaktadir. Dérdiincii olarak, Tiirk kiiltiirel baglaminda elde edilen psikometrik kanitlar, FoOMO-
Al yapisinin kiiltiirel duyarliliga ragmen korudugu c¢ekirdek mimariyi belgeleyerek yapinin
transkiiltiirel gegerligi konusundaki bilgi tabanini giiclendirmektedir.

Uygulamaya Doniik Katkilar

Pratik agidan, FOMO-AI 6lceginin Tiirkge versiyonu cesitli uygulama alanlarinda degerli bir
arac olabilir. Ogretmen mesleki gelisim programlar1 agisindan bu dlcek, dgretmenlerin yapay zekaya
yonelik kaygi diizeylerini giivenilir bigimde olgerek hedefli miidahale stratejileri tasarlamak igin
kullanilabilir. Bankins ve arkadaslarinin (2024) belirttigi gibi, yapay zekaya hazirlik siirecinde 6z-
yeterlik temelli miidahaleler kaygiy1 azaltmada 6nemli bir etkililik sergilemektedir (Bankins vd., 2024).
Egitim politikas1 diizeyinde 6l¢ek, hizmet-i¢i egitim ihtiya¢ analizlerinde bagvurulabilecek bir tarama
arac1 olarak islev gorebilir; 6zellikle bolgesel ve okul kademesi temelli farkliliklarin izlenmesinde
degerli kanitlar tiretebilir.

Dijital farkindalik ve dijital refah programlarinin tasariminda bu 6l¢ek yalnizca bir tanilama
araci olarak degil, ayn1 zamanda egitim siirecindeki ilerlemeyi 6l¢en bigimlendirici bir degerlendirme
araci (formative assessment tool) olarak da kullanilabilir. Kim ve Lee’nin (2024) 6nerdigi gibi, yapay
zeka 6z-yeterligini destekleyen miidahalelerin etkililigini degerlendirmede mevcut 6lgek, kanit temelli
bir geri bildirim mekanizmas1 islevi gorebilir (Kim & Lee, 2024). Ogretmen yetistirme programlarmin
lisans miifredatlarina yapay zeka okuryazarligi, kaygiyla bas etme stratejileri ve dijital pedagojik uyum
modillerinin entegre edilmesi, dijital doniisiim silirecinde Ogretmen adaylarinin uyumunu
kolaylastiracaktir. Ek olarak, dlgek, psikolojik damismanlik ve rehberlik hizmetlerinde yapay zekaya
bagh tiikenmislik ve teknostres riski tagiyan 6gretmenlerin erken donemde belirlenmesini saglayabilir
(Méndez-Suarez vd., 2025; S. Wang & Zhang, 2025).

Smirhliklar

Bu ¢alisma psikometrik agidan giiglii kanitlar liretmis olmakla birlikte, bazi sinirliliklart goz
oniinde bulundurmak gerekir. Verilerin Dogu Anadolu’daki bir ilde gorev yapan 6gretmenlerden uygun
ornekleme yontemiyle toplanmis olmasi, bulgularin Tiirkiye genelindeki tiim 6gretmen popiilasyonuna
genellenebilirligini sinirlandirmaktadir. Caligma kesitsel bir desende yiiriitiilmiis olup, dlgegin zaman
icindeki kararliligini ortaya koyacak test-tekrar test gilivenirligi analizleri gerceklestirilmemistir. Tim
Olclimler katilimcilarin 6z-bildirimine dayandigindan, sosyal begenilirlik etkisi ve hatirlama yanliligi
gibi yontem temelli kaynak biaslarina (common method bias) aciktir (Podsakoff vd., 2003). Olgegin
ol¢iit bagintili gegerligi igin yapay zeka kaygisi (J. Wang & Wang, 2019), klasik FoOMO (Przybylski vd.,
2013), teknostres veya 0z-yeterlik gibi kavramsal olarak yakin yapilarla yakinsak ve iraksak gecerlik
analizleri heniiz dis 6lceklerle desteklenmemistir. Orneklem yalnizca dgretmenlerden olustugu igin
Olcegin diger profesyonel gruplar (saglik ¢alisanlari, mithendisler, akademisyenler vb.) ya da 6grenciler
iizerindeki davranisi heniiz ampirik olarak test edilmemistir. Ayrica bu ¢alismada 6l¢me degismezligi
(measurement invariance) cinsiyet, kidem ve okul kademesi gibi demografik gruplar arasinda test
edilmemistir; bu durum, gruplar arasi karsilagtirmalarin giivenli bi¢imde yapilabilmesi i¢in ek analizleri
gerektirmektedir (Putnick & Bornstein, 2016).

Gelecek Arastirmalar icin Oneriler

Bu smurliliklar, gelecekteki arastirmalar i¢in verimli ve ileri bir giindem olusturmaktadir.
Olgegin Tiirkiye’nin farkli cografi bolgelerinden (Marmara, Ege, Akdeniz, i¢ Anadolu vb.) toplanan
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daha genis ve heterojen drneklemlerde test edilmesi, sonuglarin genellenebilirligini énemli Slciide
artiracaktir. Bununla birlikte, ¢oklu grup dogrulayici faktdr analizi (multi-group CFA) ile cinsiyet,
kidem, hizmet-i¢i yapay zeka egitimi alma durumu ve okul kademesi agisindan 6lgme degismezligi
(configural, metric, scalar invariance) test edilmelidir; bu, Olgegin demografik gruplar arasinda
karsilastirmali kullanimina olanak taniyacaktir (Putnick & Bornstein, 2016).

Ayrica, uzun siireli (longitudinal) arastirma desenleriyle FoMO-AI’in zaman igindeki
degisimleri, kayginin kararlilig1 ve nedensel iligkileri belirlenmelidir. Bunun yaninda, 6l¢egin yakinsak
ve wraksak gecerligi AIAS (J. Wang & Wang, 2019), klasik FoMO olgegi (Przybylski vd., 2013),
teknostres (Tarafdar vd., 2007), dijital 6z-yeterlik ve algilanan dijital kullanim kolaylig1 gibi kavramsal
olarak yakin O6lceklerle iliskilendirilerek dis kanitlarla zenginlestirilmelidir. Ek olarak, arastirmacilar
FoMO-ATI’1n arac1 (mediator) ve diizenleyici (moderator) degiskenlerini incelemelidir; 6zellikle bilingli
farkindalik (Bishop vd., 2004; Wilmer vd., 2017), yapay zeka oz-yeterligi (Kim & Lee, 2024) ve
psikolojik dayaniklilik (resilience) gibi koruyucu faktorlerin rolii agikliga kavusturulmalidir.

Bunun yani sira, kiiltiirlerarasi karsilagtirma caligsmalart (Tirkiye-Cin-ABD-Avrupa)
yiiriitilerek FoMO-AI'in kiiltiirel olarak degisken ve degismez bilesenleri haritalandirilmalidir.
Ogretmenlerin yani sira dgrenciler, okul yoneticileri ve farkli sektdrlerden calisanlardan elde edilecek
verilerle Olcegin uygulanabilirligi genisletilmelidir. Son olarak, karma yontem (mixed-methods)
calismalari, niceliksel ol¢iimiin ortaya koydugu oOriintiileri 6gretmenlerin yasam diinyasindan gelen
niteliksel anlatilarla zenginlestirebilir. Bu yaklasim, FoOMO-AI’in yalnizca bir psikometrik kavram
olarak degil, ayn1 zamanda 6gretmen kimliginin ve mesleki anlam diinyasinin bir pargasi olarak nasil
deneyimlendigine dair derinlikli i¢goriiler sunabilir.

Sonug¢

Bu calisma, Yapay Zekaya Y onelik Gelismeleri Kagirma Korkusu (FoMO-AI) 6lgeginin Tiirkce
formunun, yap1 gecerligi ve giivenirlik agisindan uluslararasi1 psikometrik olgiitlerin gerektirdigi
kanitlar1 ortaya koydugunu gostermistir. AFA ve DFA bulgulan ii¢ faktorlii yapinin Tiirk érneklemde
saglamligini teyit etmis; i¢ tutarlilik, bilesik gilivenirlik ve yakinsak/iraksak gecerlik gostergeleri
uluslararasi dlgiitleri belirgin bicimde karsilamustir. Olgek, yapay zeka destekli doniisiimiin egitim
ekosistemleri tizerindeki psikolojik yansimalarinin anlagilmasinda ve oOlgiilmesinde kuramsal ve
uygulamali bir arag¢ olarak Tiirk literatiiriine 6zgiin bir katki sunmaktadir. FOMO-AI yapisinin dijital
cagda 6gretmen refahin1 anlamada giderek merkezi bir kavram haline geldigi disiiniildiigiinde, bu
Olcegin gelecekteki arastirma, egitim politikast ve miidahale galigmalart igin saglam bir kanit temeli
olusturmasi beklenmektedir.
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